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Abstract

Using 62 harmonized cross-sectional surveys of 27 African countries covering around 8

million parents-children matched pairs, I study intergenerational mobility (IM) in occupa-

tional attainment in Africa. First, I document that the likelihood a child born from low

skilled parents acquires a higher skill job is roughly 32%. Likewise the likelihood that a

child born from high skilled parents acquires a lower skill job is roughly 30%. The two met-

rics vary substantially across but also within African countries. The gender gap in upward

(downward) IM is around 11% (10%), whereas the urban-rural divide stands at around

34% (25%). Christian ethnic groups have, on average 7% higher likelihood of upward IM

relative to Muslim groups. Second, I show that primary school attainment and household

access to electricity & piped water are the strongest predictors of IM. At the macro level,

countries with better educational outcomes, such as better school quality, experience higher

rates of IM. Third, I examine the hypothesis that human capital is driving IM in Africa. To

establish causality, I use as an event study the lifting of primary school fees in five African

countries (Botswana, Malawi, Mauritius, Tanzania and Ghana). School enrolment rates in-

creased in all countries after the reform’s introduction. Exploiting within country variation

in exposure to the reform across birth cohorts and districts, I show that education induced

by lifting primary school fees had a positive effect on upward IM rate in Botswana, Malawi,

Mauritius and a negative effect in Tanzania and Ghana. Correlational evidence suggests
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that the heterogeneity in the occupational outcomes might be attributable to the differences

in school quality across the five countries. JEL Codes: D63, N9, O10, O55 Keywords:

Intergenerational mobility, occupation, Africa,education reforms,school quality
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I Introduction

William Kamkwamba is a Malawian engineer renown for having helped his village, as a teenager,

to irrigate crops during a famine by building a makeshift wind turbine using bicycle parts and

material collected in a local scrapyard. Born to poor farmers in rural Malawi, William was forced

to drop out of school at the age of 14 as his family could not afford to pay the school tuition

fees. Undeterred, he continued to read and learn on his own, using resources from his local

school library. The knowledge he self-acquired from books helped him develop the windmill that

provided the much-needed electricity and water to his family and village. The world eventually

heard about William’s windmill through word of mouth, newspaper, and radio reporters. It

supported his studies such that, in 2014, he obtained a bachelor’s degree in Environmental

Studies from Dartmouth College in the USA.

The story of Kamkwamba, featured in the Netflix movie “The Boy Who Harnessed the Wind”,

should not be unique. The opportunity to succeed in life irrespective of your family background

is a fundamental right characterizing fair and equitable societies. Aside from fairness, economic

opportunities are of utmost importance for countries to thrive. In Africa, in particular, half of

the population is under 25, and the working-age population is expected to double within 30 years.

Gloomy future job prospects for younger generations could create instability, tensions, and huge

migration flows, as recent history has shown. Conversely, the right incentives to promote job

opportunities could fuel the process of economic growth.

Opportunities are a multifaceted concept that a single socioeconomic indicator could not cap-

ture. Nonetheless, economists typically used parents-offspring matched income as an imperfect

measure of economic success. Societies in which a significant fraction of children from the lowest

social status manage to rise to the top are designated as “land of opportunities” with high rates

of mobility across generations (Chetty, Hendren, Kline, and Saez, 2014). Despite its centrality

to the academic and policy debate, most African countries lack such IM indicators. The reason

is that the data requirements are considerable. Africa lacks matched parent-child income tax

administrative records, whereas household longitudinal data is available only for a handful of

countries. Very recently, Alesina, Hohmann, Michalopoulos, and Papaioannou (2020, 2021) de-

rive IM indicators in educational attainment across a set of African countries and demographic

groups. Education has the advantage that it is highly correlated with income and can be easily

retrieved from Census data. Despite its usefulness, education has limitation in that it does not

capture distortions in the labor markets. A significant fraction of disadvantaged children could

outperform their parents in terms of literacy rates but struggle to acquire higher-paid jobs.

I aim to advance this emerging literature by examining IM in Africa in occupational attainment.
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In particular, this article strives to answer the following two questions: What is the rate of

occupational inheritance across and within African countries? What are the main drivers of

occupational IM in Africa?

To address these questions, I use a novel dataset derived from 62 harmonized representative

census surveys conducted in the period 1970-2016. All the censuses are collected from the

Integrated Public Use Micro-data Series (IPUMS) website. The IPUMS data stand out as they

register all household members’ employment and their (single digit) occupation. This feature

allows to look at transition flows in the occupational status from parents to children aged 15-25

who coreside in the same household. In this age group, most children reside in the same household

with their parents and are either employed or attending secondary/tertiary education. I sort

individuals into skill groups based on each occupation’s education intensity (years of schooling).

Specifically, I group all parents and children into two skill groups: a) “low skilled” which contains

occupations that could be exercised with little or no formal schooling and b) “high skilled” which

consists of occupations requiring a significant amount of formal schooling years. My baseline

sample covers around 8 million parents-children-matched pairs residing in 27 African countries.

I organize my analysis into three parts. In the first part, I provide novel empirical stylized facts in

cross generational occupational mobility across countries, cohorts and demographic groups. To

this end, I devise two central metrics that gauge IM in occupational attainment. The first metric-

which I label OccUP - measures absolute upward mobility that is the fraction of children born

from low skilled parents that managed to land a higher skilled job.1 The second metric OccDown,

quantifies the fraction of children from high skilled parents that obtained a low skilled job. Using

the two metrics, I document upward mobility across African countries at around 32%, meaning

that one out of three children in Africa born from low skilled families are in better occupation

than their parents. Likewise, the downward mobility referring to the children occupied in lower

skilled jobs relative to their parents, stands at around 30%. Nonetheless, these two metrics mask

the significant heterogeneity across African countries. The upward mobility varies between 77%

in South-Africa to less than 7% in Guinea. Likewise, downward mobility varies between 52% in

Zimbabwe to 8% in Nigeria.

After having documented the facts on the aggregate level, I break down the IM metrics by sex,

place of residence, and religion. I document a persistent rural-urban divide, i.e. children born in

rural areas exhibit a 20-40 % lower (higher) probability of upward (downward) IM in occupational

status than their peers born in urbanized areas. Likewise, the gender gap is conspicuous in most

1Here, I assume that students of higher educational status are expected to acquire a blue or white-collar job.
As I will show in this paper’s data section, the overwhelming majority of secondary/university graduates in Africa
are employed in blue-collar or white-collar jobs.
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of the countries in the sample yet there is heterogeneity across countries. For instance, in Egypt,

Mauritius and Morocco the gender gap in upward mobility is more than 22% whereas in other

countries such as South Sudan, Togo, Ghana and Mali the likelihood of upward mobility is higher

for women rather than men. Lastly, I document that religion in Africa is an important factor

of occupational mobility with Christians having a 7 to 10% higher likelihood of moving up the

social ladder.

Next, I explore the spatial differences in occupational mobility within African countries. I

document staggering variation in occupational IM even within the least advanced countries. For

instance, upward mobility in Ghana is on average 33% after netting birth-cohort and decade-

census fixed effects. Decomposed by region, the likelihood ranges from 0% to 65%. The spatial

estimates, at the district level, of upward and downward IM are positively (negatively) correlated

with (logged) GDP per capita estimated by Long and Ferrie (2013) using nightlight data. The

relationship is approximately linear with a slope of 0.16(-0.13). This suggests 1% increase in

GDP per capita is associated with 0.16% increase in IM.

I also evaluate whether the upward movements in occupational attainment are associated with

better labor market outcomes at the individual level. I affirm that children who managed to

move upward in the occupation ladder have 9% higher probabilities of having a salaried job than

those who have not. Moreover, they have respectively 8% and 1% lower likelihood for having

an unpaid job or being self-employed relatively to their low skilled peers. All the effects are

statistically significant at 1%. One might be concerned that the significance is driven by children

who managed to rise to the top and are employed in a white collar profession. After removing

those individuals from the sample upward mobility from a low skilled to a blue collar job is

associated with 4% and 3% higher likelihood for a salaried job and self-employment respectively

and 7% lower chances for an unpaid job.

In the second part of this article, I examine several potential factors that correlate with upward

and downward social mobility in Africa. After controlling for birth-cohort and regional fixed

effects, I find that IM strongly correlates with primary school completion rates and access to basic

infrastructure such as electricity and piped water. Fertility rates, parental marital and education

status, housing tenure and the number of other family members living in the household are

significant but though to a minor extent. I highlight that these factors should not be interpreted

as causal drives of IM since all of these variables are endogenously determined and my analysis

does not control for numerous other unobserved differences that might affect the results.

Next, I investigate what socioeconomic indicators might explain the considerable heterogeneities

in social mobility across countries. To begin, I construct the Great Gatsby curve for the African
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continent. Excluding Botswana and South Africa, which stand as outliers, countries with more

inequality as measured by the Gini coefficient have less IM consistent with the cross-country evi-

dence of Corak (2013). I then use 24 markers capturing country level variation in labour market

conditions, demographic structure, educational attainment, political instability and health. All

the markers are collected from World Bank database and I correlate them with country level

estimates of IM. I find that the strongest predictor of upward IM is education, followed by the

labor market and demographic indicators. This evidence suggests that the spatial differences in

mobility are driven early in childhood when children attend primary school.

In the final part of this article, I delve deeper into the role of educational attainment as a

driver of upward occupational mobility. Education is an endogenous variable and standard

OLS regressions could not separate selection and causal effects. To identify the causal effects of

education on upward IM, I use as an instrument a policy reform, Free Primary Education (FPE),

that eliminated primary school fees in five African countries in my sample (Malawi, Mauritius,

Botswana, Tanzania and Ghana). The identification strategy I use combines temporal and spatial

variation in the ”intensity of the reform”. The temporal dimension distinguishes individuals’

exposure to the reform according to their age in the year of its introduction while the spatial

variation exploits the heterogeneity in the intensity of the reform proxied by the pre-reform

school completion rates from birth-cohorts unaffected by the reform. This setting lends itself

to a Difference-in-Differences (DID) identification scheme, exploiting the differential intensity

response of districts to centralised education reform in each country.

I find that lifting primary school fees led to a substantial increase in primary school completion

rates in the five countries. Specifically, school completion rates increased by 18% in Malawi, 43%

in Mauritius, 14% in Tanzania, 8% in Ghana and 34% in Botswana for the “treated” cohorts.

However, in terms of upward IM, I find that higher education rates have a positive effect in

three countries, Malawi, Mauritius and Botswana and a negative effect in Tanzania and Ghana.

Upward mobility increased by 74% in Malawi, 85% in Botswana and 88% in Mauritius. On the

other hand, I find imprecise estimates of education in Tanzania and Ghana that are attributed

to the limitations of the linear probability model.

The identification strategy I used yields particular strong outcomes. A possible mechanism that

might amplify the reform’s impact on IM other than education is the saving channel. Farmers

who were not credit-constrained and planned to send their children to school even in the absence

of the reform might have used these extra savings for other monetary investments that could

influence child’s labor market outcomes. To examine this hypothesis, I split the sample into

those that have access to basic infrastructure (i.e. electricity and pipped water) and those that
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have not.2 I find that the amplification channel is justified since FPE had markedly bigger effects

in education and IM rates to unconstrained relatively to the constrained households.

What explains this heterogeneity in the IM outcomes? In the final part of the article, I provide

correlational evidence that the differences in the size and the direction of these effects across

the five countries might be partly attributed to differences in school quality. In particular, the

data support the interpretation that the reform did not boost skill accumulation in Tanzania and

Ghana as in Mauritius and Botswana. The latter countries accommodate better the FPE-induced

enrollment surge, which in turn may have contributed to the larger increases in educational

attainment and occupational mobility experienced by these two countries.

Related literature and contribution: My work is related to several strands of the literature.

First, I contribute to a small but growing literature on IM using large census surveys in de-

veloping countries (Alesina et al., 2021, 2020; Asher, Novosad, and Rafkin, 2018; Neidhöfer,

Serrano, and Gasparini, 2018; Van der Weide, Lakner, Mahler, Narayan, and Ramasubbaiah,

2021; Ahsan and Chatterjee, 2017; Emran and Shilpi, 2011). Most of the studies used education

to construct IM indicators. Education has the the advantage that is easy to extract from sur-

vey data, is highly correlated with income and is comparable across countries and generations.

Standard mincerian regressions predict that more educated children are also expected to earn

more in real terms. While in general this is true higher educational attainment is not translated

in better labor market outcomes for everyone because of labor market frictions. Depending on

the magnitude of these frictions a fraction of the educated individuals might be underemployed.

By using occupational attainment rather than education my research also fills a major gap on

the measurement of opportunities and suggests that standard measures of international mobility

in Africa (or any other developing country in this respect) focusing (only) on education may be

biased upward.

Second, my paper contributes to the empirical evidence on the potential key drivers of IM.

Social scientists have studied this issue extensively in the United States (Solon, 1999; Black and

Devereux, 2010; Ferrie, 2005; Feigenbaum, 2018) and more recently for the African American

population (Wanamaker, 2017). In developing countries, a small literature studied the effect of

trade openness on occupational inter-generational mobility (Ahsan and Chatterjee, 2017; Emran

and Shilpi, 2011). In Africa, prior literature has focused on the role of the deep historical factors

and topological features in hindering intergenerational opportunities (Alesina et al., 2021, 2020).

Instead, I mainly focus on contemporaneous observable factors both at the micro level but also

at the country level. The findings of my research, albeit correlational in nature, could guide the

2In Mauritius, data is missing
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search for causal determinants and the development of new structural models of IM.

Third my paper contributes to the recent literature on the effect of lifting primary school fees

on social outcomes (Porzio, Rossi, and Santangelo, 2022; Larreguy and Marshall, 2017; Duflo,

2001; Kan and Klasen, 2021; Chicoine, 2021; Delesalle, 2019; Duflo, Dupas, and Kremer, 2021;

Keats, 2018; Sun, 2020). The literature argues that primary school fee abolition is associated

with a range of desirable outcomes such as higher school enrollment rates, more civil and po-

litical engagement, reduced and delayed fertility rates in women, healthier children and labor

reallocation away from agriculture. I contribute to this body of work by empirically isolating the

effects of primary school fee abolition on the reallocation of labor out of agriculture conditional

on the parents background. Hence, my analysis identifies the effects of lifting school fees on

occupational choice for those at the bottom of the social class instead of the average effects on

the population.

Lastly, my paper relates to the interdisciplinary literature on occupational mobility. A long

line of research in economics, sociology, and psychology study occupational inheritance (Ferrie,

2005; Hellerstein and Morrill, 2011; Ermisch and Francesconi, 2002). More recently, a small but

growing literature has examined trends in occupational IM in developing countries (Ahsan and

Chatterjee, 2017; Emran and Shilpi, 2011; Hnatkovska, Lahiri, and Paul, 2013) have documented

patterns of IM with respect to occupation in Nepal, Vietnam, and India respectively. To the

best of my knowledge, no such metrics have ever been developed for the African region.

Roadmap. The remainder of the paper is organized as follows. Section II describes the data

sources and, outlines the construction of the benchmark dataset. Section III delves into the

empirical strategy. Section IV presents the estimated IM indicators. Section V probes further

into the results by analyzing the correlates of IM. Section VI examines the causal effect of

education on IM. Finally, section VII concludes with the final remarks.

II Data

In this article, I use harmonised repeated cross-sectional data representative of the entire popu-

lation retrieved from the Integrated Public Use Microdata Series (IPUMS) international dataset,

a project hosted at the University of Minnesota.3 The extracted sample contains 127,243,163

individual records, retrieved from 76 census or labor survey data spanning 28 African economies

(i.e., Benin, Botswana, Burkina Faso, Cameroon, Egypt, Ethiopia, Ghana, Guinea, Kenya,

Lesotho, Liberia, Malawi, Mali, Mauritius, Morocco, Mozambique, Nigeria, Rwanda, Senegal,

3All of the surveys I employ are publicly available for researchers, mainly via an application through IPUMS
website -https://international.ipums.org/international

6



Sierra Leone, South Africa, Sudan, South Sudan, Tanzania, Togo, Uganda, Zambia, and Zim-

babwe) conducted from the early 1970s up to the beginning of 2010s.4 The dataset contains

information on individual and household characteristics such as province/district of birth and

current residence, birth year, sex, marital status, religion, home-ownership and household access

to basic infrastructure, such as pipeline water and electricity. I describe these supplementary

variables in more detail in the Appendix A.C. Table (1) lists all the countries and surveys used

and the total number of households and individuals in the raw dataset. Below I provide a brief

description of the construction of the benchmark dataset.

Survey selection: In my analysis, I include all surveys that have available information for the

occupation, employment status and education of all household members indicated by the IPUMS

variables, occisco, edattain, and empstatd respectively. The final sample is thus reduced to 62

censuses and 27 African countries.5 From the remaining samples, I dropped households with

more than 20 members (approximately 2% of the sample) to reduce dispersion and outliers and

children whose age is very close to or exceeds their parents’ average age to reduce measurement

error. Finally, I restrict the sample to all individuals aged between 15 and 65 to exclude primary

school students and retirees.

Children: I follow Alesina et al. (2021) and broadly define children as those who live with at

least one biological/step parents as well as those children who reside with a first-degree relative of

the immediate older generation who is between 15 to 40 years older. The latter helps to capture

orphans and abandoned children who live with the siblings of their biological parents and the

potential impact of other family members on the child’s development (Mkhize, 2006; Madhavan,

Schatz, Clark, and Collinson, 2012). I restrict my sample to all children born between 1960-1995

and aged 15-25 who are either part of the labor force, school attendants or homeworkers.6

Parents: I restrict my sample to all members of the old generation born between 1930 and 1990.

I define as parents all the older members of the family that co-reside with at least a younger

member aged 15-25. In conventional terms, this classification includes biological/step-parents,

uncles, and aunts. Moreover, other first-degree relatives 15-40 years older living in the same

household are also classified as “parents”.

4Of the 76 censuses, all except those from Nigeria, for which only a sequence of labor force surveys are available,
are representative samples (typically 10%, but sizes vary) drawn from the full censuses. I did not consider Togo’s
1960s, Burkina’s Faso 1985, Kenya’s 1969, 1979, Rwanda’s 1991, and Liberia 1974 Census surveys because the
persons were not organized into households or because of missing information regarding both educational and
occupational attainment. In Egypt and Ethiopia, some geographical regions are missing from the 1986 and 1984
censuses, respectively. In 1996 1.3% of the survey is not organized into households in South Africa. In Morocco’s
2014 survey, the age is organized into groups.

5Ethiopia is dropped from the sample as the occupation variable is missing.
6I follow International Labour Organization (ILO) definition and I use the minimum age of 15 as the starting

working age
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Overall, the benchmark sample consists of 7,733,052 children aged 15-25 that I could match with

at least one older generation individual. The sample spans across 27 countries and around 2800

narrower administrative regions. Each country’s sample size is given in Tables (A.21) and (A.22)

in Appendix A.A. Roughly 83% of the matched parents are occupied with low-skilled jobs such

as farming or housekeeping. In terms of education status, 67% of the parents have not completed

primary school and are considered illiterate. Table (2) summarises the share of educated and

non-educated parents and the sample size for each country.

Transition matrices

To get a sense of the transmission of skills across generations in Africa, I plot 4 × 4 transition

matrices in occupational status of all children aged 25+ and their parents.7 The top panel

of the Figure (1) displays the transition of occupational status across generations in Africa.

Parents and children are grouped into four classes, a) ”white collar”, b) ”blue collar” c) farmers

and d) ”housekeepers”. For the social class of the “parents,” I take the average occupation

of individuals one generation older in the household, rounded to the nearest integer.8 The

horizontal axis displays the parents’ cohort, while the bar width reflects the fraction of the old

cohort in each class level. The y-axis displays the average conditional probability of the child

ending up in each status class. As the width indicates, most African parents are employed in

agricultural/elementary (for simplicity, I refer to them as farmers) jobs, followed by housework.

Roughly 75% of the children born to farmers end up in the same sector, while for houseworkers,

roughly 60% end up working as a farmer or at home. The middle panel of Figure (1) separates

the children (but not the parents) according to gender. Panel B for men and Panel C for women.

As most women in Africa predominately exercise housework, around 70% of women born into

households where the female members are occupied in housework become housewives themselves.

Overall, we observe considerable occupational inheritance from parents to children in Africa. As

expected, considerable heterogeneity exists among countries, e.g., in Botswana, the probability

of reaching a low level occupation (conditional that your parents are low skilled) is around 55%

while it reaches almost 85% in Guinea.

7I use this age group as at this age formal schooling should have been completed and young adults should
have settle on their permanent occupation. Nonetheless, as indicate in the next subsection this age group is
subject to selection concerns. The evidence presented by transition matrices serves primarily to highlight the
strong occupational persistence and not an as accurate measure of mobility

8Let me give two examples. If there are three older family members living in the household, 2 farmers and 1
white collar then the average value will be 2/3 for farming and 1/3 for white class. In this example the average
of the class of the parents will be farming. Consider now a nuclear family consisting of 1 farmer and 1 blue collar
parents. Then in the chart parents will show up two separate entries.
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Selection bias:

There are two main sources of statistical bias when using cross-sectional Census data to derive

IM metrics: (i) a cohabitation selection bias because I only observe children residing in the same

household with their parents (Emran, Greene, and Shilpi, 2018); (ii) life cycle bias because I

do not track the occupation or the education of the parents or children across the life-cycle

(Mazumder and Acosta, 2015; Nybom and Stuhler, 2017). The first relates to fact that the

sub-sample of children coresiding with their parents might not represent the entire children

population, causing misleading results. This issue is less pressing for young children, as almost

all cohabitate with their parents. Alesina et al. (2021) show that in Africa, almost all children

aged 14-18 cohabitate with at least one older adult (around 95%), while cohabitation for the age

14-25 is more than 70%.

On the other hand, the younger the child is, the higher the risk of misclassifying her education

and occupational attainment, as in (very) early age, human capital formation is not complete.

This fact raises the second issue of the life-cycle bias:. The baseline estimates are a snapshot

of children’s and parents’ social status when the survey was conducted. The child social sta-

tus measured at early age is likely different from the one in the mid-adulthood where formal

schooling has been completed. However, this concern should be mitigated as the overwhelming

majority of secondary school and university students are occupied in blue-collar or white-collar

jobs as the Figure (2) illustrates. While I cannot be certain for each case, I ascribe all the

secondary/university school attendants age 15-25 to the high skills category.9,10

III Methodology

Occupational Ranking: My first task is to rank occupation classes. I follow Ahsan and

Chatterjee (2017) and develop a measure of skill intensity in occupation based on the average

education level of workers within each occupation.

To construct this ranking, I define the educational intensity of an occupation o, EIo, as:

9In the case of women, a fraction of secondary and higher school graduates decides to remain home and
occupied housework but I believe this mainly reflects social norms rather than related to occupational mobility

10While adult schooling is minuscule in Africa (less than 1% of our sample), young skilled adults might likely
work temporarily as farmers but switch occupations later in life. An analogous opposite bias can arise if the
parents’ occupation is measured at a late age. Figure (E.1) show the labor force participation rates by age group
and gender. It also illustrates the share of labor force employed in the agricultural sector by age and gender.
The labor force participation rises steeply until around the age of 25, remains until the age of 55 and then falls
dramatically. Moreover, as chart D highlights, the share of the labor force occupied in the agricultural sector is
higher before age 25 and after the retirement age.
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EIo =
∑
i∈o

( ωi∑
j∈o ωj

)
× ei (1)

where ei is individual i’s education category measured by years of schooling, ωi is an individual’s

sampling weight. The weighted summation is performed across our full sample of individuals at

the working age of 25-65 within occupation o to ensure the representativeness of the index. I

use the IPUMS variable occisco which classifies occupations according to the one digit ISCO-08

consistent with the classification of occupations endorsed by the international labor organization

(ILO) International Labor Office (2012).11 The variable occisco treats all individuals that are

not employed as missing entries. Using the IPUMS variable empstatd, I reclassify the missing

entries in occisco variable into long term unemployed workers, retirees, unfit due to illness, dis-

abled,temporary out of the labor force, those attending formal schooling , and housekeepers.12

The latter category is by far the largest and is predominantly exercised by women (98%). To

avoid dropping women from the sample because of selection concerns, I created a new occupa-

tional category in occisco namely housework. Finally, I exclude all military-related professions

and I compute the index for each of the remaining 10 professions using equation (1).

In Table (3) I present the education indices and their ranking. The top ranked occupation

category in Africa is Professionals with an EIo index of 12.1, followed by Clerks, Technicians

and associate professionals and Legislators, senior officials and managers with EIo indices 10.3,

10.2 and 10.1 respectively. As expected the last three occupation categories according to EIo

index are skilled agricultural and fishery workers, housework and elementary occupations with

indices 2.5 2,9 and 4.3 respectively. This assignment is consistent with the expectation that

mobility out of agriculture provides workers access to better jobs (salaried jobs) in non-farm

sectors (Emran and Shilpi, 2011).

In Appendix C, I provide further robustness checks for the stability of the ranking. First,

I test whether the ranking varies across countries or time. To this end, I compute the EIo

index separately for each country (see top panel of Figure C.1) and birth cohorts aced by 5

years interval (see bottom panel of Figure C.1). I attest that the occupation ranking remains

broadly unchanged across countries and birth-cohorts. Second, I rank the occupations based

on individual income data that I have at hand for two countries (4 censuses) in my sample,

11The occisco consists of 10 broad categories listed as 1) Professionals, 2) Clerks, 3) Technicians and associate
professionals 4) Legislators, managers and senior officials 5) Plant and machine operatotors, 6) Service and sales
workers, 7) Crafts and trades workers 8) Elementary occupations workers, 9) agricultural related workers, 10)
military professionals.

12To rank occupations, I dropped all individuals with missing occupation but the housekeeper. Later in the
occupational mobility construction I also treat secondary/tertiary school attendees as high skilled professionals.
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Mauritius and South Africa.13 Table (4) demonstrates the EIo results separately for income

and education. The column labeled (Y) shows the EIo index when ei is replaced by the annual

(monthly) income for South Africa (Mauritius). We can immediately observe that in the broad

categories the ranking remains unaltered i.e White Collars > Blue Collars > Low skilled with

the minor exception of South Africa 2001 where Agricultural professions income is much higher

on average than Plant and machine operators and Crafts. Since, this is not the case for the other

two censuses in South Africa I attribute this fact to business cycle effect. On the other hand,

we can notice that, within the broad categories, the ranking in terms of income varies across the

two countries and years.

To alleviate any ranking concerns and reduce the sparseness of mobility tables, I reclassify the

single digit occupations into the three broader social classes in which the ranking is stable

i.e a) white-collar jobs (high skill jobs), b) blue-collar jobs (medium skill jobs) and c) agricul-

tural/elementary/housework jobs(low skill jobs) (see Table (3) and Table (5) for the classification

and the size of each category, respectively).

In Figure (2), I show the average education and size of each social class in Africa. The top

panel of Figure (2) shows the educational attainment across the four groups (I separate farm-

ers/elementary occupations from house workers) in Africa whereas the bottom panel replicates

the analysis for two distinct countries in terms of income per capita, Botswana and Guinea.

The vertical axis indicates the fraction of workers by educational attainment and the horizontal

axis the fraction of workers for each classification type. I find that 65% of all workers in the

continent are low skilled, i.e farmers or housework. 60% of the low skilled workers failed to

complete primary school and hence are considered illiterate. The figure also illustrates the sharp

differences between the two African countries. In Guinea, 90% of the low skilled workers have

not finished primary school, whereas in Botswana, the corresponding share is around 45%.

Occupational IM: Using the ranking of occupations, I construct two integenerational metrics

of occupational mobility: one for upward IM labeled as OccUPi and another for downward occu-

pational mobility labeled as OccDowni. The two measures of absolute IM reflect the likelihood

to have a strictly higher or lower occupation than the average of the members of the immedi-

ately previous generation living in the household (i.e parents and/or other first-degree family

members). The most relevant category in Africa for structural transformation is the transition

13The relevant category in IPUMS international is ”totinc” (i.e total income). For Mauritius this corre-
sponds to monthly income in Mauritian rupees. The census question asked about income from employment,
self-employment, rents, social security benefits, and other sources. For South Africa, The data is annual income
in Rands for the twelve months prior to the census. In all three South African samples the data is recoded to
the midpoints of the broad intervals given in the original data. The top interval is coded to its lowest possible
value (e.g, code 360001 for 360,001+).
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towards non-agricultural professions (including housework for women) and therefore I focus on

this dimension.

I begin by pooling together blue-collar and white-collar professions and perceive them as having

higher social status than the remaining agricultural, forestry, fishing, housework and elementary

professions.

High skill ∈
{

White collar,Blue collar,Higher education students
}

Low skill ∈
{

Farmers,Housekeepers,Other elementary occupations,Primary school students
}

High skill � Low skill

In the next step, I compute parents’ occupation as the mean occupational status (rounded to the

nearest point integer) of all the old members of the extended family that residing in the same

household with the child and whose occupation is observed.

parents ∈
{

Biological parents, Step Parents,Uncles, Aunts, First-degree relatives 15-40 years older
}

. Then, I compute absolute measures of occupational mobility for each child i as follow:

OccUpi =

1, if the child i born from low skilled parents has a higher skill profession

0, otherwise
(2)

OccDowni =

1, if the child i born from high skilled parents has a lower skill profession

0, otherwise

(3)

IV Empirical Stylized Facts

In this section, I characterise IM in Africa in occupational attainment. First, I document the

patterns across countries. To this end, I differentiate across boys and girls, urban vs rural

residence but also across religion groups. I then turn my attention to characterize the spatial

variation in occupational IM within countries. Finally, I document the patterns across birth-

cohorts that motivate the second part of this article.
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The Geography of IM

Cross-Country Estimates

Separately for each country, I run two simple OLS regressions of OccUpi and OccDowni on set

of dummy variables and I collect the constant terms α1 and α2:

OccUpi = α1 + [βo + βd + βb]︸ ︷︷ ︸
Fixed Effects

+εi (4)

OccDowni = α2 + [βo + βd + βb]︸ ︷︷ ︸
Fixed Effects

+εi (5)

where βo are decade-birth fixed effects of the parents, βd are decade-census fixed effects and

βb are a full set of birth-year dummies of the children. The parameters α̂1 and α̂2 reflect the

average upward and downward occupational mobility in Africa, respectively, after netting birth-

year (young and old) and decade-census fixed effects. Table (6) shows the results of the baseline

specification of equations (4) and (5) separately for each country in my sample. The countries

are sorted in descending order according to the level of upward mobility (column 3). Notice,

that for conciseness, I present only the point estimates of the constant and not the standard

errors.

The most striking result of Table (6) is that occupational mobility disguises sizeable variation

across countries. The simple unweighted average of upward mobility stands at around 32%. On

the other side, around 30% of the children born from high skilled parents end up in low skilled

professions. The top three countries in terms of upward mobility are South Africa, Egypt and

Nigeria while the bottom three are Guinea, Tanzania, and Mali with upward mobility less than

10%. In the latter set of countries, it is highly probable (almost 95%) that the children born from

parents employed in agriculture will also be occupied in the same sectors. There is a negative

correlation of 57% between the measures of upward mobility and downward mobility across the

countries.

Gender: A second key result exhibited in Table (6) is the conspicuous gender gap in most of the

countries in my sample. Across countries, the male-female gap in upward mobility is around 11%

. These findings vindicate the anecdotal evidence that gender inequality in Africa is large. Yet,

the country average masks the variation in the gender gap across countries. In South-Sudan,

Togo, Ghana and Mali the likelihood of upward mobility is higher for females rather than males

whereas in Egypt, Mauritius and Morocco the gender gap in upward mobility is more than 22%.

13



Urban-rural divide: I also examine the urban-rural gap across countries in the sample. As

expected the gap is relatively high both in upward mobility and downward mobility. The un-

weighted average upward mobility across countries is around 60% in urban areas against 25% in

rural regions. On the other hand, downward mobility stands around 20% in urban areas versus

45% in rural regions.

Religion gap: In 20 countries of my sample, IPUMS possess data on religion. While I observe

data on several religions in Africa, I focus on the two biggest groups, Christians and Muslims.

According to column (5) of the Table (7) the religion divide (Christians-Muslims) in upward

occupational attainment stands at around 7%, on average. On the other hand, (Christians-

Muslims) downward mobility is around 2%. If we exclude Botswana that stands out as an

outlier the gap will be significantly larger.

In a comparative setting my estimates in Table (6) are somewhat smaller than the estimates of

Alesina et al. (2021) in upward mobility in educational attainment and bigger with regard the

downward mobility. In particular, Alesina et al. (2021) finds that upward educational mobility

in the reference group 14-25 is around 40% and downward mobility around 23%. In India, Ahsan

and Chatterjee (2017) find that when a father is at the bottom 25th percentile in occupational

status their children have 59% likelihood to inherit the father’s social status. Hellerstein and

Morrill (2011) estimated in a calibrated model that between 20 and 30% of daughters in their

U.S. sample work in the same occupation as their father.

Sub-National Estimates

In this subsection, I calculate the IM indices at the district level to explore within-country

heterogeneity. The administrative divisions differ between African countries but IPUMS har-

monised them into two broad admin categories, admin-1 labelled “GEOLEV1” and admin-2

labelled “GEOLEV2”. In this subsection, I use the latter which is the finest resolution.14 This

corresponds roughly to the second-level administrative unit using the boundaries from GADM

(Global Administrative Areas).15

The within country estimates are obtained as the fixed effects from a regression as follows:

OccUpi = βr + [βo + βd + βb] + εi (6)

14Liberia and Botswana only report first administrative districts so I use the admin-1 variable for these two
countries.

15GADM delineates Africa into 6,157 sub-national (admin-2) regions; of these regions, around 3,000 contain at
least one IPUMS enumeration area with data on household education/occupational choices.
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OccDowni = βr + [βo + βd + βb] + εi (7)

where βr are the region fixed effects, βo are birth-decade dummies for the parents, βd decade-

census fixed effects and βb birth-year dummies for the children. The regressions are run separately

for each country. The extent of the variation in upward and downward mobility (βr) across

districts within a country are summarized by Table (8). The within-country estimates exhibit

substantial heterogeneity, reflecting the large inequality in occupational opportunities at the

regional level in Africa. Across districts, I find that average upward mobility is around 31%

very close to what I obtained from the country estimates while the average downward mobility

is around 39%, 9 percentage points higher from the country averages.16

Zooming into two particular countries, Ghana and Kenya, we notice that there are districts where

six out of ten children experienced upward mobility. In other districts in the same countries,

almost no child has managed to upgrade to a higher occupational status (see Figure 3).17 In

Ghana, the northern districts have the lowest upward IM and the highest downward IM (see

Figure 3) where in Kenya the disparity rises between central and western regions.

Upward IM and Sub-National Development

What is the relationship between economic development and upward IM? To shed some light on

this question, I correlate sub-national estimates of intergenerational mobility and district level

proxies of economic development.18 A challenge I face is to obtain a reliable, fine-resolution

proxy for economic development at the sub-national level. To get around this issue, I follow

Henderson, Storeygard, and Weil (2012) and subsequent works and proxy regional development

using satellite imagery of light density.19 In particular, I exploit the readily available dataset of

Lessmann and Seidel (2016) that estimate regional incomes per capita at a sub-national level

for a rich set of countries and merged it with my district level estimates of IM of the previous

section (Appendix A.D contains detailed information of the merged dataset construction).

The top panel of Figure (4) illustrates the regional upward mobility at the district level estimated

using equation (6) against the logarithmic of the proxy of GDP per capita averaged for the years

16Note that, some districts have not been identified, therefore the average values in Table (6) are different from
those in Table (8).

17The negative values emerge as a limitation of the linear probability model and should interpreted as close
to zero probabilities. Other probability models such as probit or logit address this issue but are cumbersome to
estimate in big datasets and suffer from the incidental parameter problem.

18I abstain using country level estimates because of the relatively small set of countries.
19Data come from the Defense Meteorological Satellite Program’s Operational Linescan System (DMSP-OLS)

that reports time-stable images of the Earth at night captured between 20:00 and 21:30. The measure ranges
from 0 to 63 and is available for every 30-second area pixel that is roughly 1 square kilometer.
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2005-2006. The points are color-coded by African geography following the classification of Nunn

and Puga (2012). My first finding is that the cross-sectional relationship between mobility rates

in occupation and log GDP per capita is well approximate by a linear relationship across all

the income spectrum. The OLS regression of the regional upward mobility indicators on log

GDP per capita proxied by satellite data yields a slope of 0.16 and R2 of 32%. This suggests

that regions with 1% higher GDP per capita at the time which the children are aged 15-25 are

associated with 0.16 % higher upward social mobility rates in occupational attainment.

The bottom panel of Figure (4) shows the relationship between downward occupational mobility

and GDP per capita at the district level. The relationship is clearly negative with an OLS

estimate of -0.13. Both findings together clearly indicate that more affluent regions experience

higher (lower) rates of upward (downward) mobility.

Cohort trends

I also study how occupational mobility varies across birth cohorts in Africa. The birth cohorts

are constructed by subtracting the age of the surveyed individual from the year of the census

wave. To this end, I regress separately OccUpi and OccDowni on census-decade dummies,

country dummies, birth-decade dummies for the parents and a full set of birth-year dummies

for the young generation (children). The solid line in Figure (5) plots the resulting children-

cohort effects normalized to the average OccUp in the sample. The dashed line in Figure (5)

replicates the analysis for the OccDown. The two lines in Figure (5) show that, when controlling

for decade-census, country heterogeneity and old cohort fixed effects, upward (downward) IM

experienced two structural trends, it fluctuates considerably across birth-cohorts up to the early

1980s and then increases (decreases) steadily thereafter. The upward mobility hovers around

40% in the 1960-80 birth-cohort, indicating that four out of ten children born from low skilled

parents transition upwards in the occupational ladder. For the most recent birth-cohort (i.e

born in 1995s) almost 60% of the children climbed higher at the occupational latter. Likewise,

downward mobility is halved from 20% in the 1960s to 10% in the 1995s birth-cohort.

Heterogeneity: Figure (6) replicates the analysis for different demographic groups. The top

panel looks at men and women occupational mobility separately, while the middle panel con-

trasts occupational mobility in rural and urban areas. The bottom panel distinguishes between

Christians and Muslims.

Overall, it can be concluded that since 1980s cohort Africa has experienced an upward trend in

OccUp across all demographic groups. The last finding acts as a motivation to the next section

in order to understand what is the main driver of occupational mobility. I argue and demonstrate
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that higher educational attainment is a contributing factor to these trends.

Measures of Well-Being: Salaried job, self-employment and unpaid

job

In the previous subsection, I documented that almost 1
3

of the children in Africa born from low

skilled parents managed to climb the occupational ladder. A natural question that arises is:

Are the children that experienced upward mobility doing better off than their peers that have

not? To answer this question, one would need to compare the consumption or welfare across the

lifecycle separately for the two groups. Unfortunately, collecting longitudinal micro data and

estimating such profiles in Africa is challenging. Instead, I follow a different route to test this

hypothesis using three mutually exclusive labor market outcomes: salaried job, self-employment

and unpaid work (see Appendix A.C for the variable definitions).

In this analysis, I drop all individuals who do not work such as students, unemployed workers,

homemakers and other inactive individuals from the sample as by default they do not participate

in the labor market. Moreover to avoid any selection concerns regarding the female labor force

participation, I focus only on men aged 20-25. With the remainder observations, I run the

following specification:

Yi,y,o,j = βMobilityi,y,o,j + γControlsi,y,o,j + Fixed Effects + εi,y,o,j (8)

The dependent variable is a binary indicator for each one of the three labor market outcomes

salaried jobs, self-employment, unpaid work and 0 otherwise. For instance, Yi,y,o,j take the value

of 1 if individual i of birth-cohort y and parents birth-cohort o living in district j is a salaried

worker and 0 otherwise. The variable of interest Mobility takes the value of 1 if the individual

has experienced upward (downward ) IM and 0 otherwise. The control group contains a dummy

variable for religion, a polynomial of order 3 in age, a set of birth-decade dummies of the children,

birth-decade dummies of the parents, census-decade and second level administrative districts as

fixed-effects to absorb time-invariant differences across cohorts and districts. All the standard

errors are clustered at the second administrative district level (admin-2).

Table (9) shows the estimated coefficients of the regression (8). Note that these estimates could

not be interpreted as causal for the principal reason that the individuals which experience upward

mobility are unlikely to be random. Yet the estimates can be considered as correlates with the

sign of the coefficients indicating the link between upward (downward) mobility and the labor

market outcomes. The columns (1)-(3) shows the association between upward mobility, whereas
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columns (4)-(6) for downward mobility. Starting with the the columns (1) to (3) in Panel A,

we can immediately notice that upward mobility is associated with a 10% higher likelihood

for salaried job, 1% less likelihood for self-employment and 8% less of any other unpaid jobs

compared to their peers with no mobility. On the other hand, male children that experienced

downward occupational mobility - columns (4) to (6) - have around 5% less likelihood for salaried

job but a higher and significant likelihood to be self-employed or even unpaid job.

One concern with the estimates of Panel A is that the relatively small fraction of individuals

that managed to jump the ladder and obtained white collar jobs might overstate the salaried job

outcomes. Note that the vast majority of upward mobility children are typically employed in a

blue collar job. Panel B estimates the regression (8) but dropping the male children who managed

to achieve a white collar status. For instance, the upward mobility in this sample is defined as:

male children aged 20-25 whose parents work in agriculture or elementary jobs but they find

themselves working in a blue collar profession. The salaried estimates of Panel B column (2) are

more than halved in Panel B compared to Panel A but remain strongly positive and statistically

significant at the 1% level. Interestingly, the self employment estimates of column (1) without

white collars turn positive indicating that a high fraction of the blue collars children born from

farmers are working on their own account. Lastly, column (3) of Panel B confirms our intuition

that upward mobility is associated with a significantly lower likelihood of an unpaid job. On the

other hand, excluding white collar from the analysis, downward occupational mobility covariate

loses its power. The (conditional) estimates do not project any significant association between

downward mobility and self-employment or salaried job. Quite surprisingly, column (6) of Panel

B documents a negative and significant relationship between downward mobility and unpaid job.

Notice that the body of evidence presented in the Table (9) are in line with the findings of

Bandiera, Elsayed, Smurra, and Zipfel (2022) that in Africa only 11% of the young workers have

salaried jobs in agriculture whereas in manufacture and services the fraction stands to 40%.

V What factors correlate with IM?

The stylized facts I have presented so far highlight the strong correlations between parents and

children’s occupational choices. In the previous section, I underlined also the role of geography,

economic development and year of birth as strong predictors of IM. Nonetheless, both at the

micro and macro level, there are a number of important factors that remain to be explored. First,

I display the most important micro factors at the individual and household level, such as fertility

rates, family members, marital status of the parents and access to the basic infrastructure. Then,

I proceed with the country level aggregates that will help us to understand the geographical
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disparities.

The Role of Individual and Household Characteristics

The goal of this subsection is to take a first step towards understanding what observable indi-

vidual and family characteristics shape mobility rates. Due to potential reverse causation and

omitted variable bias, these regressions do not identify causal effects, yet they might be seen as

a first step to understand the potential underlying mechanisms for future deeper research on the

drivers of IM in Africa.

I estimate simple multivariate OLS regressions of individuals’ mobility rates on the individual,

parents and household characteristics based on the following specification:

Mobilityijyo = γX
′

i + Fixed Effects + εijyo (9)

The dependent variable Mobilityijyo is a binary variable taking the value of 1 if the individual i of

birth-cohort y living in district j born by parents of birth-cohort o has experienced an upward (

downward) occupational mobility and 0 otherwise. In addition, I include a rich set of fixed effects

such as district level fixed effects (admin 2 or admin 1 depending on the country), birth-decade

of the young and old generation fixed effects separately and census-decade fixed effects. The

district level fixed effects control for geographic differences in mobility rates whereas the birth-

cohort fixed effects control for the dynamics of mobility rates over young and old generations.

Lastly, census-decade fixed effects control for measurement error or any other census specific

heterogeneity. εijyo is an error term that captures other unobserved drivers in occupational

mobility.

Independent variables: X ′i includes a set of dummy indicators (gender, religion, household

access to electricity, household access to piped water, homeownership, parents education and

marital status). Moreover, I include as continuous variables the number of own children and

the number of family members other than children that live in the house. Lastly, I include as

dummies four educational attainment levels varying from no formal schooling (omitted) up to

university education. A more detailed description of the control variables used is available in

Appendix A.C.

Table (10) presents the multivariate regression results of equation (9) with dependent variables

upward and downward mobility respectively. Column (2) and column (4) in Table (10) show the

effect on upward mobility and downward mobility respectively excluding the educational attain-

ment dummies. On the other hand, column (3) and column (5) include educational attainment
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in the set of covariates. All the standard errors are clustered at the district level. At a first

glance, the household and individual characteristics coefficients are significant at the 1% level.

Below, I summarise the results of the variables of interest:

Educational attainment

The strongest predictor of IM based on my multivariate regression results is child’s educational

attainment. As column (3) of Table (10) indicates, by finishing at least primary education

children have an edge of 50% for an upward mobility. Moreover, the R2 jumps to 49% from 27%

in column (2) suggesting that education explains a significant proportion of the inequality in

occupational opportunity in the data. On the other hand, children who are born from farmers

and have completed primary school have 47% lower likelihood for downward mobility compared

to those that have not finished primary school. The results of Table (10), albeit correlational,

suggest that universal access to primary education could have an enormous impact on children’s

labor market outcomes. Nonetheless, as the next section will show access to free schooling alone

is not sufficient to guarantee a higher skilled job and should be accompanied with a proportional

increase in qualified teachers.

Access to basic infrastructure

The second most important predictor of upward and downward occupational mobility rate is the

access to basic infrastructure proxied by two variables namely household “access to electricity”

and “access to piped water”. I find that children living in households that have no access

to electricity have between 9 to 16% lower probability for an upward mobility and around 4-

9% higher likelihood for downward mobility. The access to piped water is associated with

7-16% higher probability for upward mobility. All in all, access to electricity and piped water is

associated with a striking 16-33% higher probability for an upward mobility relative to a child

who lives in a household with no piped water and electricity. Likewise, the columns (3) and (4)

of Table (10) display that no access to electricity and piped water is associated with 4-9% and

3-5% higher probability for a downward mobility respectively.

Housing tenure

In addition, I examine the relationship between housing tenure and social mobility. Table (10)

shows that renters have higher upward mobility in occupation (3%) and lower likelihood of down-

ward mobility (1%). The positive (negative) correlation between renters and upward (downward)

mobility could be driven by two separate channels. One channel is the parents desire to move

towards regions with better occupational opportunities: disadvantaged parents relocate to areas
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where their children have higher chances to succeed in life such as urban centers. An alternative

mechanism is that for which areas where a large fraction of the population are renters - urban

vs rural regions - exhibit higher mobility rates for all children living there.

Fertility Rates

Next, I look into the relationship between number of own children and mobility rates. It is well

documented that fertility rates have dropped considerably in sub-Sahara Africa (De Silva and

Tenreyro, 2020). Fewer children implicitly implies higher monetary and time investment in each

child’s human capital formation (Cunha and Heckman, 2007; Cunha, Heckman, Lochner, and

Masterov, 2006). These investments are entering as a non-linear function in offspring human

capital formation. Therefore, I added a polynomial of order three of the number of own children

the parents have. I find a strong negative (positive) and statistical significant relationship in the

number of children and upward (downward) mobility rates. Each extra child in the household is

associated with at least 12% lower probability upward mobility. The results of Table (10) confirm

that the relationship between human capital development in Africa and upward (downward) IM

is non-linear. The parameters of the squared terms are strongly positive (negative) whereas the

parameters of the cubic terms are negative (positive). Intuitively, these findings suggest that

the less the children in the household the more investments a child experiences during human

capital formation and hence the higher the likelihood to succeed surpassing the parents in the

job ladder. Yet, due to diminishing marginal returns, each extra investment has lower marginal

gains in terms of upward mobility.

Family Structure

Next, I consider the role of family structure in upward and downward mobility rates. First, I

consider the role of parents’ marital status. Then, I focus on the role of extended family members

on the variation of mobility levels within a district.

Parents Marital Status: A long literature starting with Becker (1991) shows that family

stability plays a key role in children’s outcomes. To evaluate this hypothesis in Africa, I use

two dummy variables reflecting three measures (one dummy is omitted) of family structure in

equation (9). The omitted category is (i) the fraction of children living in single-parent house-

holds against the (ii) the fraction of adults who are divorced, separated or widowed, and (iii)

the fraction of adults who are married. Table (10) suggests that children living in households

whose parents are married/cohabitating have on average 1-2% higher probability for upward

mobility relative to a single parent’s households. On the other, hand children living with sep-

arated/divorced/widowed or a temporary absent parent have marginally higher probability of
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an upward mobility relatively to single parent’s children. The entries in columns (4) and (5)

show that parents’ marital status has a small negative but statistically insignificant effect on

downward mobility, whereas children raised from divorced or widowed parents have 1% higher

likelihood for downward mobility.

Extended Family: Prior work has examined the role of strong family ties on a variety of

economic outcomes (Alesina and Giuliano, 2014; Gorodnichenko and Roland, 2017; Moscona,

Nunn, and Robinson, 2017). Here, I focus on one definition of family ties: first-degree older rel-

atives living in the same household, such as grandparents, uncles, aunties etc. Theoretically the

sign of this reduced form regression is ambiguous. More family members of the old generation

might have a positive effect on child’s development as this might implies higher investments i.e

grandparents helping with children schooling. On the other hand, more dependent old mem-

bers in the household, in the absence of formal security systems, might require day care and

other pecuniary costs. I include the number of other family members co-residing with parents

in the same household as a covariate in the regression (9). Table (10) indicates that each extra

household member is associated with around 1% lower upward mobility. The squared and cubic

estimates yield small and insignificant coefficients.

Parents Education

Lastly, I examine how parents educational attainment influences the offspring occupational sta-

tus. A long literature has advocated that parents-children educational outcomes in developing

countries are highly correlated and persistent across generations (Alesina et al., 2021; Asher

et al., 2018; Neidhöfer et al., 2018). It is therefore likely that children born from educated but

low skilled parents have better labor market outcomes than their peers. To test this hypothesis,

I added into the regressors in equation (9) a binary indicator taking the value of 1 if the parents

finished at least primary school and zero otherwise.20 Table (10) entries suggest that if parents

have completed primary school in Africa then the child has between 6-17% higher likelihood for

a better occupational status relative to the children whose parents are illiterate. On the other

hand, children whose parents have completed primary school have between 2 to 11 % lower

chances to move downward in the occupational ladder compared to children whose parents have

not finished primary school.

20Parents here are all the first degree individuals of the older generation that reside with the children in the
same house. If half or more of the ”parents” finished primary school then the binary variable takes the value of
1 otherwise is zero.
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Country-Level Correlates of IM

What explains the geographical disparities in social mobility rates across Africa? Alesina et al.

(2021) shed light on this question using historical and topological data. I instead correlate my

estimates of social mobility with a set of contemporaneous country characteristics that have

higher policy relevance. The country correlates could be grouped into the following categories

a) income inequality, b) economy, c) labor market, d) education, e) demographics, f) health

(see Appendix A.E for the variable definition and the sources). I first present the relationship

between income inequality and intergenerational mobility that attracted considerable attention

in the literature and then proceed with the remaining correlates.

A Gatsby Curve for Africa

The Great Gatsby Curve, a term coined by Alan Krueger, illustrates the negative relationship

between income inequality and IM. This empirical relationship has been extensively documented

in most advanced economies and it shows that children from poor families are less likely to

improve their economic status as adults (Corak, 2013). While ubiquitous in the intergenerational

mobility literature of advanced countries, no such curve has been documented for the African

continent. In this subsection, I aim to construct the Gatsby curve for Africa based on my sample

of 27 countries.

I use my country level estimates of upward and downward IM as the measure of cross-generations

mobility. With respect to inequality, I collected the Gini coefficients for each country extracted

from the World Bank’s World Development Indicators (WDI) dataset.21 In order to alleviate

any concerns regarding cyclical fluctuations in income inequality, I use the 2000s (or the closest

available year) values as my reference period.

The descriptive cross-country relationship between income inequality and occupational mobility

can been seen in Figure (7). The top Panel shows the link between upward IM and the Gini

coefficient while the bottom panel shows the link between downward IM and the Gini coefficient.

The two countries marked with orange dots are Botswana and South Africa and stand out as

outliers. Excluding these two countries the relationship between higher (lower) job opportunities

and inequality in Africa is negative (positive) in line with the literature on advanced countries.

Other Correlates of IM

Figure (8) plots the regression coefficients together with the 95% confidence intervals from the

set of univariate regressions with upward IM. I demeaned and standardised all covariates so the

21See Table (20) for the data sources, variable names and the reference period.
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coefficients could be interpreted as correlations. Since arguably, most of these covarariates are

highly correlated with GDP per capita, I present two sets of results, one with unconditional

univariate regressions and a second set controlling for GDP per capita.

The top Panel of Figure (8) displays the cross-country correlation coefficients of the variable

of interest with the upward IM metric.22 At a first glance, we can notice that the strongest

predictors of upward IM are education and demographic variables while health, labor market

participation rates and other economic variables explain less of the variation across countries.

To conserve space, I describe the most important correlates from the empirical exercise above.

Education: Starting with the key indicators for education, we notice that all the coefficients

are statistically significant with the expected signs. Upward IM tends to be higher in countries

where there are more teachers per student and where the share of children attending and com-

pleting primary school is high. These correlations suggests that disparities in the labor market

outcomes across countries begin from early childhood and in particular during primary school.

This observation confirms my earliest result primary school completion rate is the strongest

predictor of upward mobility.

Labor Market: In this set of regressions all the correlation coefficients turn to be negative

or statistically insignificant. In particular, countries with higher labor force participation and

higher employment to population ratio tend to feature lower upward mobility. This finding is

counter intuitive but in line with the results of Van der Weide et al. (2021) who showed that in

a set of more than 150 countries, labor force participation is negatively correlated with IM in

educational attainment.

Demographics: With respect to demographic variables, fertility rates, age-dependency ratio

and the fraction of the population living in rural regions are adversely correlated with upward

mobility, as expected. After controlling for GDP per capita (red line), fertility rates turn mildly

insignificant and the other two covariates slightly smaller.

VI Education as a Driver of IM

Does education causes upward occupational mobility and better labor market outcomes in Africa?

To answer this question, I leverage on a policy reform known as Free Primary Education (FPE)

which occurred in several African countries since independence. To the best of my knowledge, all

empirical research on school fee abolition in Africa has examined the effects of the policy using

22The regressions are implemented at the country level (27 observations), therefore the (robust) standard errors
are relatively large.
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cross-sectional data on a single generation of individuals (Kan and Klasen, 2021; Chicoine, 2021;

Delesalle, 2019; Duflo et al., 2021; Keats, 2018; Sun, 2020). In this section, I analyze the effect

on occupational attainment of lifting primary school fees from an intergenerational perspective.

I begin by providing an overview of the educational policies in Africa before proceeding to my

identification strategy and the results.

Primary School Fee Abolition

Primary school fees were introduced in Africa after independence in order to finance public

expenditures in education. Therefore, parents were required to pay tuition fees if they wanted to

enroll their pupils to public primary school.23 These fees have since been lifted in most African

countries in an effort towards universal primary education.

Unfortunately, there is no prior policy study that tracks the evolution of primary school fees for

a set of African countries over time. Against this backdrop, I gather all my information from a

variety of online sources using google scholar search engine. The complete list of sources that my

research has revealed can be found in Appendix F. Table (11) reports the fee abolition dates I

collected across 27 African countries in my sample accompanied with the IPUMS Censuses. My

research revealed that only 24 of them have actually abolished fees. Of these 24 countries the

school fees were eliminated once (and never reintroduced) since independence with the exception

of Kenya and Nigeria. A further investigation revealed that the fee abolition in 17 of the countries

happened very close to the date that the last census was conducted. I will not be able to draw

any conclusions because for these countries the affected children have not reached the labor

market age. Moreover, in Morocco and Nigeria the abolition fees occurred much earlier than the

first IPUMS census and therefore are excluded.

Overall, my analysis in the remaining of the section focuses on 5 countries namely Botswana,

Ghana, Malawi, Mauritius and Tanzania, marked in bold in Table (11). These countries imple-

mented free primary education policy reform sufficiently back in time (9 years or more) therefore

I am able to observe the labor market outcomes of those exposed to the reform.

23Primary school students can encounter a range of different costs that could be called fees. These include
official tuition fees, fees levied by community associations (often referred to as PTA fees), exam fees, and fees for
uniforms (Bentaouett, 2006). Moreover, actual fees may vary from district to district within individual countries.
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VI.A Empirical Strategy

The goal is to estimate the causal effect of education on occupational IM. The relation of interest

is captured by the following equation:

Mobilityi,d,y,τ = βeducationi,d,y,τ +X
′

iγ + δc + κd + ζy + ωτ + ζy × ωτ + εi,d,y,τ , (10)

where Mobilityi,d,y,τ represents upward IM for child i in district (admin 2 or admin 1 depends on

the country) d from birth cohort y observed in survey τ . The parameter of interest β denotes the

causal effect of education on upward social mobility. In terms of education I use three separate

indicators, each characterized by strengths and weaknesses. First, I use a binary variable taking

the value of 1 when the child aged 15-25 has completed primary school and 0 otherwise. While

this variable is less likely to be affected by measurement error in the census questionnaire it

could be contaminated with coarseness bias (Marshall, 2015). In my case a dummy for primary

school completion could introduce substantial bias if other levels of education, e.g. secondary

induced by the treatment also affect the occupational mobility. To alleviate such concerns, I use

educational attainment as a separate measure of education. Educational attainment is a six-

category scale measuring the respondent’s highest level of education.24 This measure linearizes

the relationship between occupational mobility and the ordinary measures of education and is

not subject to coarseness bias. Lastly, I use the respondent’s years of schooling as a third measure

of education. Years of schooling is a continuous variable and ranges 0 to 18 or more years of

school.

In equation (10), I add birth-cohort, survey, district fixed effects and survey×cohort fixed effects

to absorb period effects across surveys and time-invariant differences across cohorts and states.

X
′
i is a vector of individual and household characteristics, including a dummy for gender, religion

and urban status (when available), the total number of own children and the number of extended

family members living in the household.

If people, were randomly attending and completing primary school then estimating equation (10)

by ordinary least squares (OLS) would deliver the average causal effect of education on occupa-

tional mobility. Nonetheless, the decision to attend and complete primary school (or additional

years of schooling) is far from random creating the well known “selection bias problem”. For

instance, if children from wealthier households are more likely to attend primary school than the

rest of the population, then school completion rates among this subgroup may have little effect

24The seven categories are “0” no formal schooling, “1” some primary completed, “2” five or six years primary
completed, “3” Lower secondary completed (technical or general track), “4” Upper secondary completed (technical
or general track or some college), “5” University completed.
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on occupational choice compared to the children with lower propensity to attend.

To address this problem, I use an instrumental variable (IV) strategy that exploits the quasi-

random introduction of school fee abolition in several African countries. In particular, I instru-

ment for the education variable using an interaction variable that indicates whether the person

was eligible for free primary school education around the time of the reform. The “first-stage”

regression for my IV strategy is given as:

Educationi,d,y,τ = φTreatmenti,d × Posti,y +X
′

iγf + δc + κd + ζy + ωτ + ζy × ωτ + εi,d,y,τ , (11)

The variable Treatmenti,d captures the exposure to the reform and is constructed using the pri-

mary school completion rates in country district d for birth-cohorts born before the introduction

of the reform. In particular, the Treatmenti,d is constructed as:

Treatmenti,d = 1− Primaryd

where Primaryd is the average primary school completion rate in district d for all birth cohorts

born 10-15 years before the introduction of the reform. Finally, the variable Posti,y is a binary

variable that takes the value of 1 when the individual i of birth cohort y is eligible to benefit

from the reform. The parameter φ on the instrumental variable captures the effect of school

fee abolition on the probability of completing primary school (or attend 1 more year of school

or have one more unit of educational attainment). Notice that the main variables Treatment

and Post are omitted from equation (11) because of perfect collinearity with birth-cohort and

district fixed effects.

The identification strategy I employ resembles the one employed by Larreguy and Marshall

(2017), Bleakley (2010) and Duflo (2001) and exploits temporal and spatial variation in the

“intensity of the reform”. The temporal dimension distinguishes individuals’ exposure to the

reform according to their age in the year of its introduction. Pupils that are much older than the

eligibility age have not benefited from the reform and are therefore part of the control group. On

the other hand, children younger than primary school age at the time of the reform have been

“treated”. To better understand who benefits from the reform consider the reform date in Ghana

in 1996. Any individual born less than 14 years when the reform was introduced has benefited

from the reform and belongs to the post-reform group. The individuals who were older than the

official age for finishing primary school - i.e. 14+ in the year that the reform was implemented -

constitute the “pre-reform” group. A question arises pertaining to those that partially benefited
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from the reform. In this setting, those that are “partially” treated are part of the treated group.

The justification is that those pupils enjoyed several years of free schooling that might prevent

them from dropping out of school or even helped them to complete primary school by repeating

a class etc.

Since fees elimination affected all pupils of eligible age, a second dimension of variation is re-

quired to distinguish the introduction of FPE from cohort effects. I use the huge sub-national

heterogeneity in educational attainment as (indirectly) documented in section IV. The idea is

that, within a country, districts with pre-existing high school completion rates prior the reform

have less room for improvement from the policy compared to districts with low school completion

rates. A nationwide policy reform will boost primary school completion rates in both districts

but the difference between the regions could be interpreted as the casual effect.

Figure (9) provides a visual illustration of the first step of my identification strategy:the causal

effect of school reform on primary school completion rates. Consider for instance that the

reform is announced and takes place instantly at year 0. Cohorts born 12+ years before the

announcement will not be exposed to the reform as they exceed the primary school age. Cohorts

born 6-12 years before the announcement are partially exposed to the reform and enjoy few years

of free schooling. On the other hand, children younger than the primary school age, or children

born after the reform was announced are fully exposed to the reform. In my identification strategy

I exploit this timing in two ways: first, by comparing children exposed and not exposed to the

reform, second, by comparing the evolution of the High intensity and Low intensity regions. In

Figure (9) the evolution of school completion rates for Low and High intensity regions is given

by the two solid lines, blue and red respectively. In both regions the primary school completion

rate increased gradually. Yet, in the High intensity regions, the school completion rates line

is much steeper reflecting a stronger impact. The impact depicted by the red solid line is the

result of two separate forces, the cohort effect (unrelated to the reform) and the reform effect.

The cohort effect could be estimated by a counterfactual that projects the evolution of the High

intensity regions based on the path of the Low intensity regions. The difference between the

red solid line and the counterfactual dashed red line is the effect of the reform. Notice that the

education effect could move in any direction. If for instance, the path of the blue solid line and

red solid line diverge over recent birth cohorts then the effect of the reform would be negative.

This is the first step of the identification strategy.

In the second step, using equation (11), I estimate the parameters of equation (??) with the two

stage least squares (2SLS) method to identify the causal effect of education on the “compliers”,

in the language of Angrist and Imbens (1995). The compliers in this setting are the children

that attend formal schooling if and only if primary schooling is free. It is essential to underline
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that this group includes both pupils that are eligible for free schooling (those attend school but

would have not had their parents had to pay fees) and individuals who are not eligible (these

are illiterate but would have attended school if it was free).

Diagnostic Tests

Parallel Trends

The crucial condition for my identification strategy to hold is the assumption of similar trends.

This implies that trends in “high-intensity” and “low intensity” districts would have remained

unaltered had the program not been implemented. To test the validity of this assumption, I plot

the educational and occupational outcomes for the low intensity and the high intensity regions

before and after the reform across birth cohorts for each country separately. Figures (10) and

(11) provide evidence that the parallel trends assumption holds broadly across all countries.

There are no systematic trend differences in school completion rates and IM rates across cohorts

between the low and the high intensity regions.

Propensity to Educate

In addition to similar trends, a second essential requirement is that the policy reform has a strong

and statistically significant effect on the propensity of the children of eligible age at the time

of the reform to attend and complete primary schooling. In econometric terms the instrument

should be sufficiently strong.

Table (12) reports estimates of the first-stage regression, described by equation (11), where the

interaction term (instrument) Treatmenti,cd×Posti,y is regressed on the three separate measures

of education as well as controls. In all specifications, I run the regressions across the cohorts born

in 10 birth-year windows before and after first eligible birth-cohort. The top Panel A shows the

effects of the school reform on the probability to complete primary school. In all the countries the

first stage coefficients are statistically significant at the 1% level but vary considerably across

countries. Lifting primary school fees raised the likelihood for school completion by 18% in

Malawi, 43% in Mauritius, 14% in Tanzania, 8% in Ghana and 34% in Botswana. These effects

correspond to 53%, 46% 19%, 13%, 48% of the mean of the unexposed cohorts respectively.25

Additionally, I perform the weak instruments test by Olea and Pflueger (2013) reported in

row 3 of Table (12). The heteroskedasticity-robust F-statistic in the first stage of the external

instrument ranges from 12.1 to 109.6. A “worst-case” bias exceeding 20% of a size of 5% the

25It is important to emphasize that these first stage regression estimates contain only the children born from
low skilled parents rather than the entire population(i.e including blue and white collar parents in the sample) .
I anticipate that the same results on the entire population will rather be smaller.
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critical value is around 15. In most specifications the F-test is above or close to the critical

value, so I conclude that the instrument appears to be sufficiently strong to conduct standard

inference.

Panel B of Table (12) reports the results of the IV regression on Educational attainment. The

parameters are interpreted as the average effect of the reform on an additional unit of education.

The school fee abolition increases educational attainment by more than one unit in Botswana

and around 0.84 units in Mauritius. In Ghana and Malawi the school reform had a mild effect

on educational attainment with 0.19 and 0.15 units respectively. The most striking result is the

negative effect of the reform on educational attainment in Tanzania. The reform has resulted in

a 0.45 units reduction on average and the effect is statistically significant at the 1% level.

In Panel C of the Table (12) I also report the first stage estimates for the effect on years of

schooling. Panel C paints the same picture as Panel B with the only difference that the years

of schooling effect in Tanzania becomes insignificant and the F-test weakens dramatically. On

average the reform increases years of school attendance by 3.7 and 2.4 in Botswana and Mauritius

and 0.77 and 0.81 in Malawi and Ghana respectively.

Empirical Results

The main outcome of interest is IM in occupational attainment. In this section, I consider the

causal effect of education on upward occupational mobility rates using the empirical strategy

outlined in section VI.A. I then discuss evidence relating to mobility differentials and evidence

pointing to a role for school quality as a confounding factor in explaining the substantial hetero-

geneity in my results.

Upward IM

Figure (11) plots the upward IM rates across birth-cohorts separately for each country. The

blue dots correspond to the average upward occupational mobility rates in the high intensity

regions and the red line for the low intensity regions. In all countries, occupational mobility has

increased for birth-cohorts that have been treated by the reform (to the right of the dashed line).

The occupational mobility is much higher for cohorts that are “fully” treated by the reform as

opposed to those that have enjoyed only few years of free schooling. Although this evidence

suggest that the education reform had a positive effect on upward mobility rates it does not

differentiate between the actual effect of the reform and other cohort effects. The actual effect

of the reform should show in the difference between the trends in low and high intensity regions.

Notice that in Figure (11) there is a conspicuous gap between low and high intensity regions

30



for birth-cohorts not eligible to the reform. In Ghana for instance, the pre-reform gap stands

to around 20% difference. What is the effect of the reform on occupational mobility rates?

Visually the effect for each cohort is given by the gap between blue and red dots to the right of

the dashed line, relative to the gap of the pre-reform birth-cohort. An ideal reform, would have

had the gap between the two intensity regions to vanish. Instead, what we can observe is that

in some countries such as Ghana and Tanzania the gap has widened after the reform whereas in

Botswana and Malawi somewhat decreased. In a regression setting we would expect the effects

of the policy reform on occupational mobility to be negative in Tanzania and Ghana and positive

in the other three countries.

Table (13) reports estimates of the reduced form effect of the instrument on upward IM. Those

who are treated after the reform had on average a higher likelihood of upward IM in Malawi,

Mauritius and Botswana and lower likelihood in Ghana and Tanzania, conditional on controls.

These differences are all statistically significant at the 1% level. These facts are in line with

the visual evidence of Figure (11). It is important to emphasize that the negative effect of the

reform on upward IM in Tanzania and Ghana does not imply a downward trend in upward IM

for the treated cohorts. As it is evident in Figure (11) both in Ghana and in Tanzania upward

mobility has increased across birth-cohorts. Nonetheless, the reform had a smaller impact on

the high intensity regions (those with lower school completion rates) and a larger impact on the

low intensity regions resulting to a negative effect.

Table (14) reports the two-stage least squares (2SLS) estimates of equation ??. Looking at the

first row, the 2SLS estimate of the causal effect of primary school completion in Malawi is 74%,

which is roughly three times the average likelihood of those who are not eligible of the reform.

The results in Botswana and Mauritius paint a similar picture, the causal effect is 85% and 88%

respectively, roughly 3 and 1.5 times more compared to those not treated. On the other hand,

Tanzania and Ghana estimates report a large negative effect of primary school completion rate

on upward mobility. The row 4 of Table (14) reports the results using years of schooling as

a different measure of education. Each additional year of schooling increases the likelihood of

upward IM by 17%, 10% and 8% in Malawi Mauritius and Botswana respectively and had a

negative but insignificant effect in Tanzania and Ghana. Lastly, row 7 displays the results of

the causal effect of 1 unit increase in educational attainment on upward IM. One unit increase

in educational attainment increases the likelihood of upward IM in Mauritius, Botswana and

Malawi and Tanzania and had a negative effect in Ghana. Overall, we can conclude from Table

(14) that education has a positive but heterogeneous causal effect on upward IM in three of the

five countries. Botswana and Mauritius had the strongest effects followed by Malawi. On the

other hand, in Tanzania and Ghana the effect seems to be negative.
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The differences-in-differences IV design is crucial in estimating the causal effect of education.

Table (15) reports the OLS estimates of equation ??. The resulting estimates of β are positive

and statistically significant at the 1% level. A closer look reveals that the impact of education is

smaller in the OLS setting relatively to the findings in Table (14), except for Tanzania and Ghana

where the effect turns positive. The large and opposite bias of the OLS estimates relative to the

IV estimates suggests that the selection bias is negative in Malawi, Botswana and Mauritius and

positive in Ghana and Tanzania.

Credit constraints

The average treatment effects estimated in Tables (12),(13) and (14) are very large. Do these

large average treatment effects reflect uneven increases across the income distribution? A pos-

sible confounding factor for the high impact of the reform on IM other than education is the

saving channel. Consider for instance families who would have educate their children even in

absence of the reform. These families could have reallocated these resources towards other in-

vestments that will affect the labor market prospects of their child. To evaluate this hypothesis,

I estimate the treatment effects separately for households that have and do not have access to

basic infrastructure, e.g. electricity and piped water. These two indicators could be thought as

proxies of credit constraints as they are used by DHS program to compose a wealth index across

households.26

Tables (16) and (17) show the first stage estimates for the credit constrained and credit un-

constrained households.27 Quite surprisingly, I find that lifting school fees had a positive effect

on constrained households in Malawi only and no significant effect in any of the other three

countries. On the other hand, lifting school fees had a positive a significant effect in all four

countries for the children of unconstrained parents.

Table (18) and (19) show the 2SLS estimates separately for the two groups, constrained and

unconstrained households respectively. In the constrained group, education had a positive and

significant effect only in Malawi. The effect is mildly bigger in magnitude than what reported

for the full sample in Table (14). On the other hand, the 2SLS estimates show that education

had a strong and positive effect in Malawi and Botswana for the unconstrained households. In

Tanzania and Ghana the effect is negative but not statistically significant at the 5%. Notice that

the findings of Table (19) are markedly bigger than what I found in the full sample.

26The wealth index is calculated using data on a household’s ownership of selected assets, such as televisions
and bicycles; materials used for housing construction; and types of water access and sanitation facilities.

27Mauritius surveys have no questionnaire about the access to electricity or water.
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Pupil to Teacher ratio

What explains the heterogeneous effects in magnitude and nature of education and policy reform

on upward IM in the five African countries? This subsection attributes these differences to

a confounding factor namely the variation in school quality, proxied by pupil-to-teacher ratio.

Figure (12) shows the evolution of the pupil teacher ratio across time for four of the five countries

in the sample where data is available.28 The dashed lines are colored coded to indicate the date

of the reform for the respective country.

Two points could be inferred from Figure (12). The first is that the level of pupils teacher ratio

differs substantially across the countries. Tanzania has the highest ratio with a class size of more

than 40 students on average followed by Ghana, with 30 or more. On the other hand, Botswana

and Mauritius feature the lowest two ratios. Recall from the previous section that the school

reform had a negative effect on upward mobility for Tanzania and Ghana and a positive effect

in Botswana and Mauritius. Here it is important to point out that Figure (12) corroborates

the earliest evidence of Figure (8), where I find a strong negative relationship between pupil-to-

teacher ratio and upward IM, in the full set of 27 countries.

The second message that could be inferred from this Figure is the heterogeneous evolution of the

school class size after the reform. In the years following the reform, the pupil-to-teacher ratio

increases sharply in Tanzania which is the country who showed the worst outcomes in upward

occupational mobility in the previous section. Ghana has also experience a mild rise in pupil to

teacher ratio. Botswana has experience a fall in pupils-teacher ratio over the years. In Mauritius

the school class increase by 5 students on average but the pupils-to-teacher ratio is still much

lower than Ghana or Tanzania. Overall, evidence provided by Figure (12), albeit correlational in

nature, suggests that school class size might have played an important role in the human capital

skill formation.

VII Concluding Remarks

My paper is the first to study intergenerational mobility in occupational attainment in Africa.

I deliver a new set of statistics for upward and downward intergenerational mobility in occu-

pational attainment across and within African countries, demographic and religious groups. I

find that occupational mobility varies substantially across areas and groups. For example, the

probability that a child born from low skilled parents lands a higher skill job is roughly 77%

in South Africa but only 6% in Guinea. Across African countries the gender gap in upward

28The data is extracted from the United Nations database. In Malawi the series are available since 2007.
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mobility stands at around 11% whereas the urban-rural divide is around 23%. At the individual

level, the variation in intergenerational mobility could be primarily explained by two factors:

primary school attendance and access to basic infrastructure such as electricity and piped water.

At the country level, the spatial variation in intergenerational mobility is strongly associated

with proxies of education quality and demographic variables as well as proxies of labor market

conditions.

My findings complement prior literature that study intergenerational mobility in educational

attainment in Africa (Alesina et al., 2020, 2021). Across countries, the upward (downward)

mobility in occupational attainment is 10% (7%) lower (higher) than educational attainment.

Looking ahead, this might be explained by labor market mismatch or barriers to entry in the

labor market. Nonetheless, progress in this direction requires richer data on the characteristics

and choices of parents and children.

Another important result is that education induced policies such as lifting primary school fees

had a positive causal effect on upward intergenerational mobility in Botswana, Malawi, Mauritius

and a negative effect in Tanzania and Ghana. All in all, these results suggest that expanding

access to education to those at the bottom of the income distribution might not always have

the intended outcomes. I attribute this heterogeneous effect to country level variation in school

quality measured by the pupils-to-teacher ratio. Unfortunately, due to data constraints, I cannot

rule out alternative mechanisms. First, the reform could have also affected occupational outcomes

through an income effect, if its impact on employment is driven by families who would have been

willing to pay tuition fees for sending their children to school and thus were able to reallocate

the fees towards other productive investments that could influence their children’s occupations.

Second, education can affect labor market outcomes through channels other than cognitive skill

accumulation. These include signaling of ability (Spence, 1978) or improved marriage prospects

(Ashraf, Bau, Nunn, and Voena, 2020). Delving into the underlying factors responsible for the

differences in occupational choice effects associated with education expansion across these five

countries may constitute a fruitful avenue for future research.
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Table 1: IPUMS sample of Countries

No Country Census Individuals Households

1 Benin 1979,1992,2002,2013 2,524,628 446,301

2 Botswana 1981,1991,2001,2011 600,289 151,714

3 Burkina Faso 1996,2006 2,498,870 399,383

4 Cameroon 1976,1987,2005 3,406,084 681,153

5 Egypt 1986,1996,2006 19,983,770 4,412,601

6 Ethiopia 1984,1994,2007 15,882,990 3,483,999

7 Ghana 1984,2000,2010 5,669,774 1,218,677

8 Guinea 1983,1996,2014 2,237,824 366,609

9 Kenya 1989,1999,2009 6,323,580 1,437,197

10 Lesotho 1996,2006 368,003 78,814

11 Liberia 2008 348,057 68,836

12 Malawi 1987,1998,2008 3,132,039 713,882

13 Mali 1987,1998,2009 3,228,570 534,229

14 Mauritius 1990,2000,2011 352,737 94,021

15 Morocco 1982,1994,2004,2014 7,131,045 1,407,035

16 Mozambique 1997,2007 3,598,565 830,054

17 Nigeria 2006,2007,2008,2009,2010 426,395 96,023

18 Rwanda 2002,2012 1,881,761 434,180

19 Senegal 1988,2002,2013 2,940,312 343,793

20 Sierra Leone 2004 494,298 82,518

21 South Africa 1996,2001,2007,2011,2016 16,141,863 4,641,495

22 South Sudan 2008 542,765 92,592

23 Sudan 2008 5,066,530 922,816

24 Tanzania 1988,2002,2012 10,541,181 2,265,160

25 Togo 1970,2010 608,539 125,318

26 Uganda 1991,2002,2014 7,552,455 1,598,844

27 Zambia 1990,2000,2010 3,105,551 566,531

28 Zimbabwe 2012 654,688 160,728

Total: 76 127,243,163 27,654,503

Notes: This table shows the number of raw observations per country and the corresponding Censuses. Overall,
the total downloaded sample consists around 127 million individuals residing in 28 million households obtained
from 76 Censuses covering 28 African countries. The countries are sorted in alphabetical order.
Source: Harmonised census survey data publicly available at IPUMS international database.
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Table 2: Parents’ Literacy Rate

Nr Country Illiterate parents (%) Literate parents (%) N

(3) (4) (5)

1 Benin 81 19 278,147

2 Botswana 49 51 55,604

3 Burkina Faso 96 4 99,540

4 Cameroon 54 46 217,669

5 Egypt 76 24 3,195,517

6 Ghana 57 43 773,311

7 Guinea 84 16 286,086

8 Kenya 73 27 109,281

9 Lesotho 70 30 56,664

10 Liberia 59 41 38,342

11 Malawi 72 28 235,347

12 Mali 88 12 316,391

13 Mauritius 37 63 65,336

14 Morocco 87 13 1,294,108

15 Mozambique 86 14 330,080

16 Nigeria 48 52 28,314

17 Rwanda 76 24 139,100

18 Senegal 84 16 354,428

19 Sierra Leone 77 23 69,114

20 South Africa 31 69 598,415

21 South Sudan 91 9 41,722

22 Sudan 90 10 162,521

23 Tanzania 53 47 1,103,718

24 Togo 59 41 17,961

25 Uganda 63 37 392,440

26 Zambia 37 63 304,409

27 Zimbabwe 38 62 32,005

Total 67 33 10,595,570

Notes: This table shows the parents’ literacy rate of the children aged 15-25 years residing with their parents.
Literate is defined a parent who has completed at least primary school. Column (3) and (4) report the percentage
rate of each category and column (5) the total number of observations. Parent’s education comprises the average
attainment of parents and extended family members one generation older than the immediately previous gener-
ation living in the same household with the children. Families with more than 20 family members are dropped.
In the last row, columns (3) and (4) show simple unweighted averages and the last entry in column(5) displays
the total number of observations across the countries. The countries are sorted in alphabetical order.
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Table 3: Occupational Attainment Ranking

White collar Blue collar Agricultural EIo
Rank Occupation, ISCO-08

(high skill) (medium skill) (low skill) (index)

1 Professionals 12.1

2 Clerks 10.3

3 Technicians and associate professionals 10.2

4 Legislators, senior officials and managers 10.1

5 Plant and machine operators and assemble 6.6

6 Service workers and shop and market sales 5.6

7 Crafts and related trades workers 5.5

8 Elementary occupations 4.3

9 Housework 2.9

10 Skilled agricultural and fishery worker 2.5

Notes: This tables ranks the digit one (ISCO-08) occupations according to the EIo index. The EIo index is
computed using the equation 1 and measures the educational intensity of each occupation based on the number
of years of schooling. To reduce the sparsity we further regroup the occupational categories into white collar
(high skills), blue collar (medium skills) and agricultural and elementary jobs (low skills). Military and other
unclassified professions are excluded.

42



Table 4: Total Income and Years of Schooling by Occupation

Mauritius South Africa South Africa South Africa

2000 1996 2001 2007

Occupation, ISCO-08 (Y) (E) (Y) (E) (Y) (E) (Y) (E)

White Collars
Professionals 18,020 12.3 53,036 11.75 152,050 12.0 140,580 11.4

Clerks 6,952 10.8 28,798 10.8 49,451 10.7 63,136 10.8

Technicians and associate professionals 10,158 11.1 45,128 10.9 75,031 11.1 113,577 10.7

Legislators, senior officials and managers 22,587 11.4 71,303 10.8 144,897 11.2 175,323 11.0

Blue Collars
Plant and machine operators and assemblers 4,007 7.1 19,459 7.4 24,955 7.5 38,606 8.0

Service workers and shop and market sales 5,587 8.9 23,970 9.3 44,422 9.8 47,816 10.0

Crafts and related trades workers 4,338 7.1 21,246 7.4 32,957 7.9 44,269 8.3

Low skilled
Elementary occupations 3,601 5.3 11,886 6.0 12,978 6.2 19,115 7.0

Housework 263 6.4 1,033 6.0 3,386 6.2

Skilled agricultural and fishery workers 3,516 5.7 16,219 5.1 33,269 6.0 34,266 6.0

Notes: This table shows the average years of schooling and average annual income for each 1-digit occupational
status. The entries in columns (Y) are computed using equation 1 with ei replaced by the annual income of
each individual i aged 25-65 living in Mauritius or South Africa. The entries in columns (E) are computed using
equation 1 where ei is the years of schooling of of each individual i aged 25-65 living in Mauritius or South Africa.
The computations are implemented separately for the four censuses, Mauritius 2000, South Africa 1996, South
Africa 2001 and South Africa 2007. The income data consists all person’s total personal (nominal) income from
all sources in the previous month (Mauritius) or previous calendar year(South Africa). In Mauritius the income
is measured in Mauritian rupees whereas in South Africa in terms of Rands.
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Table 5: Parents’ Occupational Status

Low Skills Medium Skills High Skills N
Country

(percent) (percent) (percent) (number)

(2) (3) (4) (5)

Benin 61.60 45.52 3.28 143,764

Botswana 52.44 36.36 13.37 13,362

Burkina Faso 94.99 6.10 0.40 88,970

Cameroon 84.22 13.15 5.04 93,007

Egypt 52.74 33.90 12.90 749,998

Ethiopia 94.84 5.84 0.52 588,439

Ghana 68.35 33.55 6.79 485,606

Guinea 74.03 26.29 3.31 157,543

Kenya 84.57 18.60 3.59 52,974

Lesotho 62.52 30.26 5.72 13,517

Malawi 87.05 15.11 3.29 122,836

Mali 84.98 16.14 2.38 198,678

Mauritius 49.25 37.90 10.72 41,368

Morocco 61.75 36.21 3.56 470,253

Mozambique 89.37 13.91 2.98 181,963

Nigeria 81.16 15.68 11.06 10,866

Rwanda 96.85 5.63 1.05 119,016

Senegal 64.65 32.80 7.44 202,678

Sierra Leone 79.34 18.76 7.76 41,121

South Africa 40.33 35.02 25.78 123,482

South Sudan 81.04 24.82 6.14 42,479

Sudan 79.55 11.95 10.40 196,113

Tanzania 91.86 5.19 5.49 703,782

Togo 58.21 34.70 6.12 16,492

Uganda 90.79 9.66 4.23 176,507

Zambia 84.66 13.16 4.47 123,652

Zimbabwe 84.19 13.64 6.97 24,462

Total 75.88 21.14 6.11 5,182,928

Notes: This table shows the parents’ skill level for children aged 14 years or older who reside with at least one
older generation individual across the 27 countries. Columns (2), (3) and (4) report the percentage rate of each
category and column (5) the total number of observations. Parent’s occupation comprises the average attainment
of parents and extended family members one generation older than the immediately previous generation living
in the same household. Families with more than 20 family members are dropped. In the last row, columns (2)
, (3) and (4) show simple unweighted averages and the last entry in column(4) displays the total number of
observations across the countries. The countries are sorted in alphabetical order.44



Table 6: Intergenerational Mobility in Occupational attainment by Country

Nr Country

Upward IM Downward IM

NAll Males Females Urban Rural All Males Females Urban Rural

(3) (4) (5) (6) (7) (8) (9) (10) (11) (12) (13)

1 South Africa 0.77 0.78 0.76 0.82 0.71 0.11 0.10 0.11 0.09 0.14 364,642

2 Egypt 0.68 0.77 0.50 0.78 0.49 0.16 0.10 0.26 0.14 0.36 2,887,528

3 Nigeria 0.68 0.70 0.64 0.74 0.65 0.08 0.09 0.06 0.08 0.07 20,113

4 Mauritius 0.58 0.68 0.45 0.67 0.54 0.19 0.08 0.36 0.16 0.22 32,741

5 Cameroon 0.52 0.58 0.45 0.70 0.23 0.12 0.05 0.18 0.11 0.38 174,923

6 Botswana 0.46 0.55 0.40 0.64 0.31 0.31 0.14 0.45 0.21 0.58 38,967

7 Morocco 0.44 0.59 0.26 0.68 0.27 0.29 0.16 0.43 0.14 0.54 1,208,231

8 Liberia 0.40 0.47 0.30 0.59 0.33 0.20 0.18 0.23 0.14 0.37 25,291

9 Togo 0.36 0.33 0.45 0.75 0.32 0.17 0.12 0.18 0.07 0.38 8,852

10 Senegal 0.36 0.48 0.17 0.64 0.18 0.38 0.13 0.68 0.42 0.58 273,688

11 Kenya 0.34 0.40 0.27 0.60 0.33 0.30 0.28 0.34 0.16 0.37 92,007

12 Lesotho 0.34 0.37 0.31 0.58 0.32 0.48 0.35 0.57 0.19 0.54 39,155

13 Ghana 0.27 0.21 0.34 0.59 0.27 0.30 0.45 0.18 0.21 0.39 490,082

14 Zambia 0.25 0.37 0.13 0.63 0.12 0.27 0.15 0.40 0.20 0.68 242,066

15 Zimbabwe 0.24 0.32 0.16 0.59 0.17 0.52 0.44 0.62 0.45 0.63 27,272

16 Sierra Leone 0.23 0.29 0.18 0.57 0.08 0.20 0.13 0.25 0.18 0.25 52,349

17 South Sudan 0.23 0.19 0.27 0.35 0.20 0.42 0.42 0.43 0.24 0.51 33,160

18 Sudan 0.20 0.19 0.27 0.72 0.12 0.17 0.22 0.07 0.10 0.35 127,482

19 Uganda 0.19 0.25 0.12 0.54 0.18 0.46 0.42 0.50 0.26 0.59 354,826

20 Malawi 0.19 0.32 0.05 0.66 0.17 0.39 0.33 0.49 0.22 0.53 200,816

21 Rwanda 0.18 0.21 0.15 0.21 0.17 0.21 0.26 0.17 0.06 0.37 131,626

22 Benin 0.17 0.17 0.18 0.60 0.18 0.29 0.34 0.26 0.15 0.41 190,747

23 Mozambique 0.16 0.27 0.06 0.35 0.07 0.49 0.26 0.72 0.43 0.75 289,322

24 Burkina Faso 0.11 0.13 0.07 0.44 0.45 0.48 94,515

25 Mali 0.08 0.07 0.10 0.46 0.04 0.37 0.41 0.19 0.41 0.73 278,272

26 Tanzania 0.07 0.08 0.07 0.21 0.03 0.56 0.54 0.58 0.40 0.42 990,428

27 Guinea 0.06 0.09 0.00 0.57 0.04 0.12 0.12 0.14 0.08 0.54 214,413

Average 0.32 0.37 0.26 0.59 0.25 0.30 0.25 0.35 0.20 0.45

Notes: This table demonstrates the country level point estimates of upward and downward mobility in occupa-
tional attainment. The point estimates are obtained as the constants α1 and α2 from running OLS regressions
using 4 and 5 specifications, separately for each country . Columns (3) to (7) show the upward mobility-the
likelihood a child aged 15-25 born from low skilled parents is working in a high skilled jobs. Column (4) and (5)
shows the upward mobility for males and females respectively, whereas (6) and (7) the upward mobility separately
for residents of urban and rural regions. Columns (8) to (12) display the downward mobility -the likelihood a
child aged 15-25 born from high skilled parents to acquire a low skilled job. Column(9) and (10) shows the
downward mobility for boys and girls respectively, whereas (11) and (12) the downward for urban and rural
residents respectively. Column(13) reports the number of low skilled parents by country. The last row report
simple unweighted averages across the 27 countries.
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Table 7: Intergenerational Mobility in Occupation for Christians and Muslims

Nr Country

Upward IM Downward IM

Christians Muslims Gap Christians Muslims Gap

(3) (4) (5) (6) (7) (8)

1 Benin 0.55 0.31 0.25 0.16 0.31 -0.16

2 Mali 0.51 0.26 0.24 0.52 0.34 0.18

3 Senegal 0.55 0.35 0.21 0.16 0.40 -0.23

4 Sierra Leone 0.37 0.20 0.18 0.18 0.21 -0.03

5 Cameroon 0.44 0.32 0.11 0.11 0.21 -0.10

6 Botswana 0.54 0.44 0.10 0.35 -0.26 0.61

7 Egypt 0.77 0.68 0.09 0.06 0.18 -0.12

8 Malawi 0.26 0.17 0.09 0.34 0.52 -0.18

9 Liberia 0.41 0.32 0.08 0.19 0.28 -0.09

10 Burkina Faso 0.17 0.12 0.06 0.30 0.49 -0.19

11 Ghana 0.40 0.34 0.05 0.23 0.34 -0.11

12 Zambia 0.17 0.13 0.04 0.48 0.43 0.05

13 Mozambique 0.33 0.29 0.04 0.33 0.32 0.00

14 South Africa 0.77 0.73 0.04 0.10 0.10 0.00

15 Mauritius 0.56 0.53 0.04 0.16 0.27 -0.11

16 Togo 0.61 0.58 0.03 0.14 0.08 0.06

17 Rwanda 0.18 0.16 0.02 0.21 0.21 0.00

18 Uganda 0.20 0.20 -0.01 0.45 0.45 0.01

19 Guinea -0.01 0.08 -0.09 -0.02 0.12 -0.14

20 Nigeria 0.45 0.54 -0.09 0.03 -0.09 0.13

average 0.41 0.34 0.07 0.22 0.25 -0.02

Notes: This table demonstrates the point estimates of upward and downward mobility in occupational attainment
across religion groups for each country. The point estimates are obtained as the constants α1 and α2 from running
OLS regressions using 4 and 5 specifications, separately for each country . The table is sorted in descending order
based on column(5). Columns (3) to (4) show the upward mobility-the likelihood a child aged 15-25 born from
low skilled parents is working in a high skilled jobs. Column (5) shows the gap in upward mobility for Christians
and Muslims respectively. Columns (8) to (12) display the downward mobility -the likelihood a child aged 15-25
born from high skilled parents to acquire a low skilled job. Column(6) and (7) show the downward mobility for
Christians and Muslims respectively, whereas (8) reports the gap in downward mobility between Christians and
Muslims. The last row report simple unweighted averages across the 20 countries.
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Table 8: IM Mobility at the District Level

Upward Downward

Country Regions mean median max min mean median max min

Benin 77 0.17 0.16 0.65 -0.15 0.43 0.40 0.89 0.20

Botswana 21 0.45 0.45 0.62 0.23 0.36 0.35 0.55 0.24

Burkina Faso 45 0.08 0.06 0.39 0.05 0.57 0.61 0.94 0.19

Cameroon 39 0.49 0.48 0.85 0.17 0.17 0.17 0.31 0.09

Egypt 237 0.62 0.61 0.91 0.29 0.21 0.20 0.47 0.06

Ghana 102 0.33 0.34 0.64 -0.01 0.33 0.31 0.58 0.20

Guinea 209 0.20 0.13 0.78 -0.06 0.39 0.35 1.05 -0.02

Kenya 35 0.27 0.30 0.66 -0.05 0.39 0.37 0.75 0.15

Lesotho 65 0.20 0.17 0.53 0.00 0.67 0.67 1.05 0.43

Liberia 5 0.37 0.37 0.43 0.27 0.25 0.25 0.34 0.18

Malawi 183 0.24 0.22 0.67 0.03 0.50 0.51 0.82 0.21

Mali 48 0.04 0.01 0.63 -0.08 0.45 0.45 0.69 0.20

Mauritius 42 0.58 0.59 0.71 0.31 0.19 0.20 0.31 0.09

Morocco 84 0.44 0.42 0.79 0.05 0.25 0.24 0.75 -0.01

Mozambique 143 0.11 0.07 0.56 -0.01 0.64 0.63 1.00 0.24

Nigeria 687 0.59 0.64 1.07 -0.16 0.12 0.02 1.02 -0.03

Rwanda 30 0.20 0.20 0.40 0.15 0.46 0.48 0.70 0.09

Senegal 27 0.32 0.24 0.71 0.11 0.45 0.44 0.64 0.26

Sierra Leone 107 0.20 0.13 0.76 0.00 0.37 0.36 0.96 -0.01

South Africa 19 0.75 0.79 0.87 0.52 0.12 0.12 0.19 0.08

South Sudan 72 0.25 0.24 0.67 0.03 0.46 0.45 0.92 0.05

Sudan 129 0.23 0.15 0.71 0.08 0.38 0.37 0.85 -0.10

Tanzania 113 0.09 0.07 0.47 -0.10 0.58 0.58 0.77 0.46

Togo 37 0.37 0.38 0.79 -0.01 0.22 0.18 0.58 0.10

Uganda 137 0.21 0.20 0.63 -0.14 0.52 0.50 0.94 0.29

Zambia 55 0.24 0.20 0.60 -0.01 0.34 0.33 0.57 0.22

Zimbabwe 88 0.29 0.23 0.78 0.06 0.60 0.60 1.15 0.06

Africa 2836 0.31 0.29 0.68 0.06 0.39 0.38 0.73 0.15

Notes: This table demonstrates the summary statistics of district level estimates of upward and and downward
mobility in occupational status. The table entries reflect the βr estimates of equation 6 and 7. The sample
consists of 27 African countries . The last row reports simple unweighted averages of the summary statistics.
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Table 9: Intermediate labor market outcomes

Self employed Salaried Unpaid Self employed Salaried Unpaid

(1) (2) (3) (4) (5) (6)

Panel A with white collars

Upward Mobility -0.01∗∗ 0.09∗∗∗ -0.08∗∗∗

Downward Mobility 0.04∗∗∗ -0.05∗∗∗ 0.01∗∗

Controls Yes Yes Yes Yes Yes Yes

birth-decade FE Yes Yes Yes Yes Yes Yes

birth-decade old FE Yes Yes Yes Yes Yes Yes

distict FE Yes Yes Yes Yes Yes Yes

census-decade FE Yes Yes Yes Yes Yes Yes

R2 0.22 0.52 0.40 0.22 0.42 0.19

Observations 521,698 521,698 521,698 75,441 75,441 75,441

Panel B without white collars

Upward Mobility 0.03∗∗∗ 0.04∗∗∗ -0.07∗∗∗

Downward Mobility 0.01 0.00 -0.01∗∗

Controls Yes Yes Yes Yes Yes Yes

birth-decade FE Yes Yes Yes Yes Yes Yes

birth-decade old FE Yes Yes Yes Yes Yes Yes

distict FE Yes Yes Yes Yes Yes Yes

census-decade FE Yes Yes Yes Yes Yes Yes

R2 0.24 0.53 0.40 0.21 0.42 0.18

Observations 462,348 462,348 462,348 56,633 56,633 56,633

∗ p < 0.10, ∗∗ p < 0.05, ∗∗∗ p < 0.01

Notes: This table reports coefficients from the OLS regression 8 for men aged 20-25. The dependent variable is
a binary indicator for each one of the three intermediate labor market outcomes salaried jobs, self-employment,
unpaid work and 0 otherwise. The independent variable Upward Mobility ( Downward Mobility ) takes the
value of 1 if the individual has experienced upward (downward) mobility in occupation and 0 otherwise. The
control group contains a dummy variable for religion and polynomial of order 3 in age. Panel A reports the
results for the full sample (blue collars and white collars) while Panel B reports the results excluding white
collars professionals. All the standard errors are clustered at the second administrative district level (admin-2).
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Table 10: Correlates of Occupational Mobility

IM up IM up IM down IM down

(2) (3) (4) (5)

Constant 0.70∗∗∗ 0.41∗∗∗ 0.29∗∗∗ 0.65∗∗∗

Individual Characteristics

Female -0.16∗∗∗ -0.14∗∗∗ 0.08∗∗∗ 0.07∗∗∗

Christian 0.03∗∗∗ 0.00 -0.02∗∗∗ 0.00

Primary completed 0.52∗∗∗ -0.46∗∗∗

Secondary completed 0.60∗∗∗ -0.48∗∗∗

University completed 0.60∗∗∗ -0.39∗∗∗

HH Characteristics

No electricity -0.15∗∗∗ -0.08∗∗∗ 0.09∗∗∗ 0.04∗∗∗

Yes, piped water 0.15∗∗∗ 0.06∗∗∗ -0.05∗∗∗ -0.03∗∗∗

Not owned a house 0.06∗∗∗ 0.04∗∗∗ -0.01∗∗∗ -0.01∗∗∗

Parents family status

Single parent (omitted) 0.00 0.00 0.00 0.00

Married/in union 0.02∗∗∗ 0.01∗∗∗ -0.00 -0.00

Separated/divorced/spouse absent 0.01∗ 0.01∗∗ 0.01 0.01∗∗∗

Widowed 0.01∗∗ 0.01∗∗∗ 0.01∗∗ 0.01∗∗∗

Parents Education

Primary Completed 0.17∗∗∗ 0.06∗∗∗ -0.11∗∗∗ -0.02∗∗∗

Children

Number of own children in household -0.23∗∗∗ -0.12∗∗∗ 0.18∗∗∗ 0.13∗∗∗

Number of own children squared 0.07∗∗∗ 0.04∗∗∗ -0.05∗∗∗ -0.04∗∗∗

Number of own children cubic -0.01∗∗∗ -0.00∗∗∗ 0.00∗∗∗ 0.00∗∗∗

Extended Family

Nr family members -0.01∗∗ -0.00 -0.00 0.00

Nr family members squared 0.00∗∗ 0.00 0.00 -0.00

Nr family members cubic -0.00∗∗ -0.00 -0.00 0.00

birth-year FE Yes Yes Yes Yes

birth-decade old FE Yes Yes Yes Yes

district FE Yes Yes Yes Yes

decade-census FE Yes Yes Yes Yes

R2 0.29 0.50 0.14 0.30

N 3,610,657 3,610,657 772,738 772,738

Notes: This table demonstrates the OLS estimates of equation 9. The dependent variable in columns(2) and
(3) is upward occupational mobility. The dependent variable in columns(4) and (5) is downward occupational
mobility . The explanatory variables are grouped in 6 categories, Individual characteristics, HH characteristics,
parents marital status, parents education, number of children living in the household and number of older family
members living in the household. All specifications include birth-year fixed effects, birth-decade fixed effects
for the parents, admin-2 fixed effects (for Botswana and Liberia admin-1) and decade census fixed effects. The
standard errors are clustered at the district level.∗ p < 0.10, ∗∗ p < 0.05, ∗∗∗ p < 0.01
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Table 11: Reform date by Country

Nr Country Reform Primary School Age Exposed Birth Cohorts IPUMS Censuses

1 Benin 2006 6-11 1979,1992,2002,2013

2 Botswana 1980 6–13 1968-1978 1991,2001,2011

3 Burkina Faso 2006-07 1996

4 Cameroon 2000-01 6-11 1976,2005

5 Egypt 1999 6-11 1986,1996,2006

6 Ghana 1996 6-15* 1982-1992 1984,2000,2010

7 Guinea - 1983,1996,2014

8 Kenya 1979,2002-03 7-13 1989

9 Lesotho 2000 6-12 1996,2006

10 Liberia 2006 2008

11 Malawi 1994 6-13 1982-1992 1987,1998,2008

12 Mali - 1987,1998,2009

13 Mauritius 1993 5-11 1983-1993 1990,2000,2011

14 Morocco 1963 6–12 1952-1962 1982,1994,2004,2014

15 Mozambique 2004 6-12 1997,2007

16 Nigeria 1976 6-11 2008,2009,2010

17 Rwanda 2003 7-12 2002,2012

18 Senegal - 1988,2002,2013

19 Sierra Leone 2001 2004

20 South Africa 2007 1996,2001,2007

21 South Sudan 2004 2008

22 Sudan 1992 6-13 1980-1990 2008

23 Tanzania 2001 7-13 1988-1998 1988,2002,2012

24 Togo 2007-08 2010

25 Uganda 1997 1991,2002

26 Zambia 2002 7-13 1990,2000,2010

27 Zimbabwe - 6-12 2012

Notes: *Ghana has expanded free schooling to the secondary education level up to the age of 15. Sources see
Appendix D
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Table 12: First Stage Regression Estimates

Malawi Mauritius Tanzania Ghana Botswana

Panel A Completed Primary

Post × Treatment 0.18∗∗∗ 0.43∗∗∗ 0.14∗∗∗ 0.08∗∗∗ 0.34∗∗∗

(0.02) (0.04) (0.04) (0.02) (0.07)

Mean, Post=0 0.33 0.93 0.71 0.54 0.61

F-test 74.2 109.6 12.1 12.9 22.2

N 114,040 19,102 661,199 260,256 16,192

Panel B Educational Attainment

Post × Treatment 0.15∗∗ 0.90∗∗∗ -0.44∗∗∗ 0.19∗∗∗ 1.20∗∗∗

(0.06) (0.20) (0.12) (0.07) (0.17)

Mean, Post=0 1.37 2.63 1.77 1.72 1.71

F-test 5.3 21.2 13.4 7.2 49.2

N 114,040 19,102 661,199 260,256 16,192

Panel C Years of Schooling

Post × Treatment 0.78∗∗∗ 3.57∗∗∗ -0.53 0.76∗∗∗ 3.68∗∗∗

(0.18) (0.63) (0.34) (0.25) (0.59)

Mean, Post=0 5.51 8.56 5.83 5.57 5.71

F-test 19.5 32.4 2.4 9.4 38.3

N 113,990 18,777 658,938 260,256 16,149

Controls Yes Yes Yes Yes Yes

Cohort FE Yes Yes Yes Yes Yes

Regions FE Yes Yes Yes Yes Yes

Census FE Yes Yes Yes Yes Yes

Census × Cohort FE Yes Yes Yes Yes Yes

∗ p < 0.10, ∗∗ p < 0.05, ∗∗∗ p < 0.01

Notes: This table reports coefficients from OLS regressions of equation 11. The dependent variable is: in the Panel
A, a binary variable indicating primary school completion rate, in the Panel B the scale of Educational attainment
-The seven scales are ”0” no formal schooling, ”1” some primary completed, ”2” five or six years primary completed
”3” Lower secondary completed (technical or general track), ”4” Upper secondary completed(technical or general
track or some college) ”5” University completed- , and in the Panel C the years of schooling varying from 0
to a maximum 18. The independent variable in all specifications is the interaction of the variables Treatment
and Post. Treatment captures the exposure to the reform and is constructed using the average primary school
completion rates in each district 10 to 15 years before the introduction of the reform. The the variable Post is
a binary variable that takes the value of 1 when the individual birth year is eligible to benefit from the reform.
The set of controls includes gender, urban and religion dummies, a dummy for each census year, a dummy for
each district, a dummy for each cohort, the number of own children living in the household and the number of
adults living in the same household. Standard errors are clustered at the district level.
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Table 13: Reduced Form Estimates

y=Upward Occupational Mobility Malawi Mauritius Tanzania Ghana Botswana

Post × Treatment 0.13∗∗∗ 0.38∗∗∗ -0.26∗∗∗ -0.12∗∗∗ 0.29∗∗∗

(0.03) (0.11) (0.06) (0.03) (0.07)

Controls Yes Yes Yes Yes Yes

Cohort FE Yes Yes Yes Yes Yes

Regions FE Yes Yes Yes Yes Yes

Census FE Yes Yes Yes Yes Yes

Census × Cohort FE Yes Yes Yes Yes Yes

R2 0.39 0.13 0.48 0.18 0.10

N 114,040 19,102 661199.00 260,256 16,192

Notes:This table reports OLS estimates. The dependent variable is binary variable that takes a value of 1 if the
child experiences upward occupational mobility and 0 otherwise.The independent variable is the interaction of
the variables Treatment and Post. Treatment captures the exposure to the reform and is constructed using the
average primary school completion rates in each district 10 to 15 years before the introduction of the reform. The
the variable Post is a binary variable that takes the value of 1 when the individual birth year is eligible to benefit
from the reform. The set of controls includes gender, urban and religion dummies, a dummy for each census year,
a dummy for each district, a dummy for each cohort, the number of own children living in the household and the
number of adults living in the same household. Standard errors clustered on the district level.
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Table 14: Effect on Upward Occupational Mobility-2SLS Estimates

y=Upward Occupational mobility Malawi Mauritius Tanzania Ghana Botswana

Primary Completed 0.74∗∗∗ 0.88∗∗∗ -1.27∗∗∗ -1.71∗∗ 0.85∗∗∗

(0.21) (0.27) (0.43) (0.83) (0.19)

Mean, Post=0 0.26 0.69 0.27 0.36 0.38

N 114,040 19,102 661,199 260,256 16,192

Years of Schooling 0.17∗∗∗ 0.10∗∗∗ -1.89 -0.19∗ 0.08∗∗∗

(0.06) (0.03) (4.71) (0.10) (0.02)

Mean, Post=0 0.26 0.69 0.26 0.36 0.38

N 113,990 18,777 658,938 260,256 16,149

Educational Attainment 0.89∗∗ 0.42∗∗∗ 1.32∗∗ -0.76∗ 0.24∗∗∗

(0.45) (0.11) (0.61) (0.43) (0.06)

Mean, Post=0 0.26 0.69 0.27 0.36 0.38

N 114,040 19,102 661,199 260,256 16,192

Controls Yes Yes Yes Yes Yes

Cohort FE Yes Yes Yes Yes Yes

Regions FE Yes Yes Yes Yes Yes

Census FE Yes Yes Yes Yes Yes

Census × Cohort FE Yes Yes Yes Yes Yes

∗ p < 0.10, ∗∗ p < 0.05, ∗∗∗ p < 0.01

Notes: This table reports coefficients from 2SLS regressions of equation ?? . The dependent variable is in all
countries upward occupational mobility. The independent variable is the primary school completion rates which
I instrument with the interaction of the variables Treatment and Post. Treatment captures the exposure to the
reform and is constructed using the average primary school completion rates in each district 10 to 15 years before
the introduction of the reform. The the variable Post is a binary variable that takes the value of 1 when the
individual birth year is eligible to benefit from the reform. The set of controls includes gender, urban and religion
dummies, a dummy for each census year, a dummy for each district, a dummy for each cohort, the number of
own children living in the household and the number of adults living in the same household. Robust standard
errors clustered by districts.
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Table 15: Effect on Upward IM-OLS Estimates

Malawi Mauritius Tanzania Ghana Botswana

Primary school Completed 0.60∗∗∗ 0.23∗∗∗ 0.37∗∗∗ 0.39∗∗∗ 0.49∗∗∗

Sample mean, Post=0 0.26 0.69 0.27 0.36 0.39

Controls Yes Yes Yes Yes Yes

Cohort FE Yes Yes Yes Yes Yes

Regions FE Yes Yes Yes Yes Yes

Census FE Yes Yes Yes Yes Yes

N 114,040 19,102 661,199 260,256 16,192

∗ p < 0.10, ∗∗ p < 0.05, ∗∗∗ p < 0.01

Notes: This table reports coefficients from the OLS regression. The dependent variable is in all countries upward
occupational mobility. The independent variable is the primary school completion rates. The set of controls
includes gender, urban and religion dummies, a dummy for each census year, a dummy for each district, a
dummy for each cohort, the number of own children living in the household and the number of adults living in
the same household. Robust standard errors clustered by districts.

Table 16: The Reform effect on Education-Credit Constrained HH

Malawi Tanzania Ghana Botswana

y=Completed Primary School

Post × Treatment 0.21∗∗∗ 0.06 -0.01 0.22

(0.04) (0.07) (0.03) (0.29)

Sample mean, Post=0 0.32 0.71 0.57 0.69

Controls Yes Yes Yes Yes

Cohort FE Yes Yes Yes Yes

Regions FE Yes Yes Yes Yes

Census FE Yes Yes Yes Yes

R2 0.32 0.71 0.57 0.69

N 77,841 302,647 108,685 2,212

Standard errors in parentheses

∗ p < 0.10, ∗∗ p < 0.05, ∗∗∗ p < 0.01
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Table 17: The Reform effect on Education-Credit Unconstrained HH

Malawi Tanzania Ghana Botswana

y=Completed Primary School

Post × Treatment 0.17∗∗∗ 0.13∗∗∗ 0.08∗∗ 0.27∗

(0.03) (0.04) (0.03) (0.13)

Sample mean,Post=0 0.27 0.65 0.49 0.45

Controls Yes Yes Yes Yes

Cohort FE Yes Yes Yes Yes

Regions FE Yes Yes Yes Yes

Census FE Yes Yes Yes Yes

R2 0.32 0.71 0.57 0.69

N 17,933 183,684 84,489 6,624

Standard errors in parentheses

∗ p < 0.10, ∗∗ p < 0.05, ∗∗∗ p < 0.01

Table 18: 2SLS Estimates on Upward IM- Credit Constrained HH

Malawi Tanzania Ghana Botswana

Primary School Completion 0.77∗∗∗ -0.78 8.60 -0.16

(0.15) (0.81) (8.54) (0.88)

Sample Mean, Post=0 0.47 0.41 0.56 0.52

Controls Yes Yes Yes Yes

Cohort FE Yes Yes Yes Yes

Regions FE Yes Yes Yes Yes

Census FE Yes Yes Yes Yes

N 77,841 302,647 108,685 2,212

Standard errors in parentheses

∗ p < 0.10, ∗∗ p < 0.05, ∗∗∗ p < 0.01
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Table 19: 2SLS Estimates of Upward IM-Credit Unconstrained HH

Malawi Tanzania Ghana Botswana

Primary School Completion 0.96∗∗∗ -0.79∗ -0.41 1.33∗∗

(0.23) (0.44) (0.59) (0.56)

Sample Mean,Post=0 0.47 0.41 0.56 0.52

Controls Yes Yes Yes Yes

Cohort FE Yes Yes Yes Yes

Regions FE Yes Yes Yes Yes

Census FE Yes Yes Yes Yes

N 17,933 183,684 84,489 6,624

Standard errors in parentheses

∗ p < 0.10, ∗∗ p < 0.05, ∗∗∗ p < 0.01
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Table 20: Gini Coefficients Africa

No Country Iso Gini Year

1 Benin BEN 38.6 2003

2 Botswana BWA 64.7 2002

3 Burkina Faso BFA 43.3 2003

4 Cameroon CMR 42.1 2001

5 Egypt EGY 31.8 2004

6 Ghana GHA 42.8 2005

7 Guinea GIN 43 2002

8 Kenya KEN 46.5 2005

9 Lesotho LSO 51.6 2002

10 Liberia LBR 36.5 2007

11 Malawi MWI 39.9 2004

12 Mali MLI 38.9 2006

13 Mauritius MUS 35.7 2006

14 Morocco MAR 40.7 2006

15 Mozambique MOZ 45.6 2008

16 Nigeria NGA 40.1 2003

17 Rwanda RWA 52 2005

18 Senegal SEN 39.2 2005

19 Sierra Leone SLE 40.2 2003

20 South Africa ZAF 64.8 2005

21 South Sudan SSD 46.3 2009

22 Sudan SDN 35.4 2009

23 Tanzania TZA 40.3 2007

24 Togo TGO 42.2 2006

25 Uganda UGA 42.9 2005

26 Zambia ZMB 54.6 2006

27 Zimbabwe ZWE 43.2 2011

Source: World Bank’s World Development Indicators (WDI).
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Figure 1: Intergenerational Mobility Transition Matrices

Panel A

Panel B Panel C

Panel D Panel E

Notes: This figure shows transition Matrices in occupational status across generations.The x-axis represents the
old generation with the width of bars reflecting the fraction of the old individuals in each segment. The y axis
displays the likelihood of the young generation to achieve the corresponding occupational attainment. Panel
A shows the transition likelihood across the 27 countries and 62 censuses in our sample while Panel B and C
differentiate across the gender of the child, Panel B men and Panel C women. Panel E plots the transition
probabilities for Botswana and and Panel F for Guinea.
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Figure 2: Average education attainment by occupation

Africa

Botswana Guinea

Notes: Average education attainment by occupation. The matrices are constructed by individuals age 25-59 that
are born between 1950-1990. Military professionals are excluded and the remaining 10 occupations are grouped
into four categories, a) white collar, b)blue collar and c) farmers d) housework according to the skills intensity
computed by equation 1.
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Figure 3: Regional Absolute Mobility in Ghana and Kenya
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Figure 4: Economic Development and IM

Upward Mobility and GDP per Capita

Downward Mobility and GDP per Capita

Notes: The top panel of this figure shows the association between the upward IM and GDP per capita at the
district level. The bottom panel shows the relationship between downward IM and GDP per capita. The district
estimates are obtained using equation 6 and equation 7. The GDP per capita (horizontal axis) is estimated using
light density data obtained from the study of Lessmann and Seidel (2016). The districts are color coded based
according to the geographical location based the study of Nunn and Puga (2012). At the bottom of each panel I
show the estimated parameters of the OLS regression of Upward (Downward) IM on log GDP per capita.
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Figure 5: Cross-Generational Occupational Mobility

Notes: The figure shows the children birth-year fixed effects obtained from the regression of upward (downward)
mobility on census-decade fixed effects, birth-decade fixed effects of the old, country fixed effects and birth-year
fixed effects of the young. The solid line shows the estimates on upward mobility and the dashed line on downward
mobility. All estimates are normalized to average to the overall mobility, upward and downward separately, across
birth-cohorts. The y-axis is interpreted as probability.
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Figure 6: Intergenerational Mobility Evolution in Africa, Occupation

Men Women

Urban Rural

Christians Muslims

Notes: The left panel of figure 4 shows the upward IM and the right panel the downward IM in occupation.
The IM up (down) is the average probability of children, aged 15+ born from parents occupied in agriculture
(non-agriculture) sectors to be occupied (not occupied) in a non-agricultural job. The x-axis corresponds to the
birth- year of the children in intervals of 5 years. The top panel distinguishes between boys and girls, the middle
panel between urban vs rural residence. Finally, the bottom panel shows the IM for different religion groups.
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Figure 7: Income Inequality and Intergenerational Occupational Mobility

Notes:This binned scatterplot depicts the relationship between average upward IM across countries and income
inequality measured by the gini coefficient. The unit of observation is a a country. The top panel shows the
relationship between upward IM and gini coefficient and the bottom panel the link between downward IM and the
gini coefficient. Upward IM is defined as the likelihood a child born from low skilled parents to achieve a higher
skilled job. Downward IM is defined as the likelihood a child born from high skilled parents to be occupied in a
low skilled job. The orange dots are the countries of Botswana and South Africa that are considered as outliers.
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Figure 8: Correlates of Intergenerational Mobility

Notes: This figure plots the coefficients from two set of regressions. The blue dot is the outcome from regressing
across countries upward intergenerational mobility in occupational attainment (standardized to have mean 0
and variance 1) on the covariate in question (standardized to have mean 0 and variance 1). The red dot is the
same outcome while controlling for log GDP per capita. The lines show 95 percent confidence intervals. The
covariate data come from the World Development Indicators. I match the covariates from the World Development
indicators with the country estimates of mobility in table 6.
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Figure 9: Children Exposure to FPE reform
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Notes: This figure shows the children exposure to the reform in Low and and High intensity regions. A Low
intensity region is defined as the region which has relatively high primary school completion rates 10 years before
the reform. A high intensity region is defined as the region which has low school completion rates 10 years before
the reform. The x-axis displays the child’s year of birth relative to the Free Primary Education (FPE) reform.
Children born in the range of 6 to 12 years after the reform are partially treated. Children born 12+ years after
the reform are not treated and children age 5 of younger at the time of the reform were fully treated.
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Figure 10: Trends in Primary School Completion Rates by Reform Intensity

Malawi

Mauritius Tanzania

Ghana Botswana

Notes: This table
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Figure 11: Trends in Upward Occupational Mobility by Reform Intensity

Malawi

Mauritius Tanzania

Ghana Botswana

Notes: This table
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Figure 12: Pupils Teacher Ratio across Time

Notes: This figure shows the evolution of pupils to teacher ratio across time for each of the four countries,
Botswana, Ghana, Tanzania and Mauritius. The dashed line are colored coded to represent the year of school
abolition fee in the respective country.
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A Data

A.A IPUMS observations per country and sample

Table A.21: Occupational Mobility Sample by Country

Nr Country Observations

1 Benin 198,529

2 Botswana 40,834

3 Burkina Faso 78,068

4 Cameroon 138,673

5 Egypt 2,337,002

6 Ghana 540,268

7 Guinea 192,059

8 Kenya 85,963

9 Lesotho 42,504

10 Liberia 29,958

11 Malawi 190,939

12 Mali 245,168

13 Mauritius 41,526

14 Morocco 780,178

15 Mozambique 273,185

16 Nigeria 23,033

17 Rwanda 117,387

18 Senegal 223,020

19 Sierra Leone 47,851

20 South Africa 484,170

21 South Sudan 30,066

22 Sudan 119,051

23 Tanzania 865,330

24 Togo 9,324

25 Uganda 328,889

26 Zambia 249,910

27 Zimbabwe 20,167

Total: 7,733,052

Notes: The table shows the number of matched parents-children pairs in terms of occupational attainment by

country. The children are aged 15-25 and parents have a maximum age of 65.
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Table A.22: Occupational Mobility by Sample Census

Nr Census N Nr Census N

1 Benin 1979 5,631 34 Morocco 1994 136,749

2 Benin 1992 37,658 35 Morocco 2004 151,216

3 Benin 2002 49,427 36 Morocco 2014 418,138

4 Benin 2013 105,813 37 Mozambique 1997 113,657

5 Botswana 1991 9,696 38 Mozambique 2007 159,528

6 Botswana 2001 16,465 39 Nigeria 2008 11,646

7 Botswana 2011 14,673 40 Nigeria 2009 3,347

8 Burkina Faso 1996 78,068 41 Nigeria 2010 8,040

9 Cameroon 1976 11,215 42 Rwanda 2002 75,285

10 Cameroon 2005 127,458 43 Rwanda 2012 42,102

11 Egypt 1986 541,445 44 Senegal 1988 61,768

12 Egypt 1996 639,667 45 Senegal 2002 111,841

13 Egypt 2006 1,155,890 46 Senegal 2013 49,411

14 Ghana 1984 115,225 47 Sierra Leone 2004 47,851

15 Ghana 2000 169,482 48 South Africa 1996 237,465

16 Ghana 2010 255,561 49 South Africa 2001 233,728

17 Guinea 1983 12,554 50 South Africa 2007 12,977

18 Guinea 1996 58,209 51 South Sudan 2008 30,066

19 Guinea 2014 121,296 52 Sudan 2008 119,051

20 Kenya 1989 85,963 53 Tanzania 1988 184,632

21 Lesotho 1996 18,616 54 Tanzania 2002 284,271

22 Lesotho 2006 23,888 55 Tanzania 2012 396,427

23 Liberia 2008 29,958 56 Togo 2010 9,324

24 Malawi 1987 42,015 57 Uganda 1991 124,260

25 Malawi 1998 83,135 58 Uganda 2002 204,629

26 Malawi 2008 65,789 59 Zambia 1990 41,306

27 Mali 1987 32,997 60 Zambia 2000 87,435

28 Mali 1998 80,880 61 Zambia 2010 121,169

29 Mali 2009 131,291 62 Zimbabwe 2012 20,167

30 Mauritius 1990 12,438

31 Mauritius 2000 14,732

32 Mauritius 2011 14,356

33 Morocco 1982 74,075

Total: 7,733,052

Notes: The table shows the number of matched parents-children pairs in terms of occupational attainment by

census. The children are aged 15-25 and parents have a maximum age of 65.
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A.B Coresidency

Figure A.13: Coresidence Rates Across Age Groups and Countries

Notes: The top panel of this figure shows the coresidence rates separately for males and females. The two

dashed vertical lines correspond to the age group 18 and 21. The bottom panel of this figure shows the average

coresidence for men aged 18-21 for each country in the sample. The black vertical lines on the top of each bar

reflect the distribution across the three age groups.
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A.C Supplementary IPUMS data

Fertility: I use the IPUMS variable ”nchild” which reports the total number of own children

living with respondent as a measure of fertility. It contains data for all the 27 countries and are

summarized into 10 groups varying from 0 children to 9 or more biological children in one child

increment.

Years of schooling: I observe years of schooling for 23 countries out of the 27 in my sample.

The missing countries are Egypt, Sudan, South Sudan and Mozambique 29. The IPUMS variable

is yrschool and takes values from 0 years of school up to 18 in one year increment 30.

Parents Education: I considered as parents all the first degree individuals of the immediate

previous generation living in the same household with children age 15-25. Then I assign a binary

variable 1 if they have completed at least primary school and 0 otherwise. Then I pool all older

individuals together and I average the value to the nearest possible integer.

Family size: IPUMs record the family size with the variable ”famsize” that is labeled as

the number of own family members living in the household. I created a measure of old family

members living in the household by deducting the number of own children from famsize variable.

Marital status: I retrieve data of the marital status of the individual for all the 27 countries

in the sample. The IPUMS identifier is labeled ”marst” and contains 6 categories a) ”Sin-

gle/never married”, b) Married/in union c) Separated/divorced/spouse absent d) Widowed e)

Unknown/missing f) Not available. In the second part of this article I dropped the last two

categories (less than 1%) and I assign the parents marital status to one of the remaining four

categories.

Utilities: I use access two indicators namely access to electricity and piped water. The former

is split into four groups a) access to electricity b) no access c) not applicable d) unknown. I drop

the last two (roughly 6%) and I create a binary variable taking the value of 1 if the individual

has access to electricity. The access to water variable is grouped into 12 categories31. I dropped

the missing observations (around 3%) and I created a binary variable taking the value of 1 if the

household has access to piped water and 0 otherwise.

29In some countries years of schooling is missing for selected censuses. The list of the censuses that years of
schooling is missing are Mali 1987, Mozambique 1997 and 2007, South Sudan 2008, Sudan 2008, Egypt 1986,
1996 and 2006 and Burkina Faso 1996 and 2006

30I drop all categories where the number of school years is uncertain that is approximate 2% of the sample
311) Yes piped water; 2) Piped inside dwelling ;3)Piped, exclusively to this household; 4)Piped, shared with

other households; 5)Piped outside the dwelling; 6) Piped outside dwelling, in building; 7)Piped within the building
or plot of land; 8) Piped outside the building or plot of land; 9)Have access to public piped water; 10) No piped
water; 11)Unknown; 12) Not available
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Housing tenure: The IPUMS concusses include a housing tenure variable. I assign a value of

1 if the household owns a dwelling and 0 if not. I classify the latter category as renters in the

main text 32.

Labor Force participation: IPUMS includes a ”labor force participation” binary indicator

that stipulates whether the individual is economically active.

Employment: Aside from labor force, I use the ”classwk” IPUMS indicator that denotes the

employment status of the individual. The class of worker classifies workers into four types: self-

employed, wage/salary worker, unpaid worker and other. I drop the last category (less than

1%).

Nativity: With the exception of Ethiopia and Nigeria IPUMS classifies individuals as natives

or foreign born.

Migration: In 12 African countries IPUMS records by the variable ”migratep” the place of

the previous residence. I classify the individuals as ”Internal Migrants” if their the previous

residence and current residence are different 33.

A.D Regional Economic Development and Intergeneratioal mobility-

Dataset construction

I first collect all the sub-national estimates for the years 2005 and 2006. I averaged them out

across the two years and merged them with my district level estimates of upward intergener-

ational occupational mobility. A challenge I faced is that the regional dataset of Lessmann

and Seidel (2016) is hard-coded and there is not one to one mapping with the IPUMS admin-1

and/or admin-2 digital regions. To tackle this problem, I manually merged them based on re-

gions name provided by Lessmann and Seidel (2016) and the label value of IPUMS international.

Overall, the final merged sample contains 289 administrative districts across 20 countries (Nige-

ria, Benin,Uganda, Tanzania, Kenya, Lesotho, Rwanda, Zambia, Ghana, Mali, Guinea, Malawi,

Senegal, Zimbabwe, Mozambique, Togo, Cameroon, Morocco, Mauritius, South Africa).

A.E World Bank Indicators-Database

In this subsection of the Appendix, I provide details on the world bank indicators used in

the cross-country correlation analysis in the paper, including information on the data source and

32Note that not owners are not always renters. They might have obtained the house for free from their employer,
friends or other public and private services. Nonetheless, the overwhelming majority of the non-owners are renters
70%.

33At the most granular level
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reference period. All the series are extracted from the Data Bank World Development Indicators

database that is maintained by the World Bank. I filtered the data to the years between 2000-

2009. In case for more than 1 observation over the 9 year horizon I take the average value of

all the observations. Lastly, I standardized the series to have a mean 0 and std 1 across all

countries. The table A.23 contains the list of the series.

Table A.23: World Bank Development Indicators

No Series Name Source Reference period

Health Indicators

1 Health expenditure per capita (current US$) World Bank 2000-2009

2 HIV prevalence rate, adult 15-49 years (%; low estimate) World Bank 2000-2009

3 Maternal mortality ratio (modeled estimate, per 100,000 live births) World Bank 2000-2009

4 Incidence of tuberculosis, low uncertainty bound (per 100,000 people) World Bank 2000-2009

5 Life expectancy at birth, total (years) World Bank 2000-2009

6 Prevalence of undernourishment (% of population) World Bank 2000-2009

Education Indicators

7 School enrollment, primary (% gross) World Bank 2000-2009

8 Primary completion rate, total (% of relevant age group) World Bank 2000-2009

9 Pupil-teacher ratio, primary World Bank 2000-2009

10 Expected years of schooling World Bank 2000-2009

11 Human development index (HDI) World Bank 2000-2009

Labor Market Indicators

12 Labor force participation rate, total (% of total population ages 15-24) World Bank 2000-2009

13 Employment to population ratio, 15+, total (%) World Bank 2000-2009

14 Labor force participation rate, total (% of total population ages 15-64) World Bank 2000-2009

15 Labor force, female (% of total labor force) World Bank 2000-2009

Economy Indicators

16 Agricultural land (% of land area) World Bank 2000-2009

17 Arable land (% of land area) World Bank 2000-2009

18 Political Stability/No Violence (estimate) World Bank 2000-2009

19 Improved sanitation facilities (% of population with access) World Bank 2000-2009

20 Improved water source (% of population with access) World Bank 2000-2009

Demographic Indicators

21 Rural population (% of total population) World Bank 2000-2009

22 Age dependency ratio (% of working-age population) World Bank 2000-2009

23 Fertility rate, total (births per woman) World Bank 2000-2009

Output Indicator

24 GDP per capita (current US$) World Bank 2000-2009
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B Intergenerational Mobility in Education-Construction

Educational attainment

I map within a household all the children aged 15-25 living with their parents or any the first

degree relatives. I describe individuals as educated if they have completed at least primary

school and non-educated otherwise. I then construct an upward (EdUp) and downward measure

(EdDown) of intergenerational mobility (IM) as follows:

EdUpi =

1, if the child i born from non-educated parents has completed primary school

0, otherwise

(12)

EdDowni =

1, if the child i born from educated parents has not completed primary school

0, otherwise

(13)

Following Alesina et al. (2021), I maximize coverage by mapping young individuals to the mean

educational level (rounded up to the nearest integer) of the generation immediately above within

the household and not only with the head of the family.I characterize as parental education the

mean educational level of the head of the family, the spouse and the siblings of the head of the

family.
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C Educational Intensity across Occupations

Figure C.1: Ranking of Occupations over Country and Time

Notes: The top panel of this figure shows the average (weighted) years of schooling EIo across occupations for

each country separately. The weighted years of schooling on the x-axis are computed according to the equation

1. The dots are colored in a way to correspond to each of the 10 occupations. The bottom panel of this figure

shows the EIo computed by pooling the sample together and using equation 1. The EIo is estimated separately

for birth-cohorts aced by 5 years interval.
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D Supplementary Results

Table D.1: Effect on Downward Occupational Mobility-2SLS Estimates

y=Downward Occupational mobility Malawi Mauritius Tanzania Ghana Botswana

Primary Completed -1.85∗∗∗ -3.75 0.45 -0.56∗∗∗ -0.87

(0.62) (3.26) (0.28) (0.14) (0.71)

Mean, Post=0 0.26 0.69 0.27 0.36 0.38

N 21,447 21,178 95,122 171,396 4,484

Years of Schooling -0.32∗ -0.10∗∗∗ 0.08 -0.06∗∗∗ -0.06∗

(0.18) (0.04) (0.06) (0.01) (0.04)

Mean, Post=0 0.32 0.17 0.31 0.25 0.35

N 21,682 20,051 93,948 171,396 4,467

Educational Attainment -2.37 -1.26 0.21 -0.24∗∗∗ -0.18∗

(3.59) (1.01) (0.17) (0.06) (0.10)

Mean, Post=0 0.32 0.17 0.31 0.25 0.35

N 21,703 21,178 95,122 171,396 4,484

Controls Yes Yes Yes Yes Yes

Cohort FE Yes Yes Yes Yes Yes

Regions FE Yes Yes Yes Yes Yes

Census FE Yes Yes Yes Yes Yes

Census × Cohort FE Yes Yes Yes Yes Yes

∗ p < 0.10, ∗∗ p < 0.05, ∗∗∗ p < 0.01

Notes: This table reports coefficients from 2SLS regressions of equation ?? . The dependent variable is in all

countries downward IM. The independent variable is the primary school completion rates which I instrument

with the interaction of the variables Treatment and Post. Treatment captures the exposure to the reform and

is constructed using the average primary school completion rates in each district 10 to 15 years before the

introduction of the reform. The the variable Post is a binary variable that takes the value of 1 when the

individual birth year is eligible to benefit from the reform. The set of controls includes gender, urban and religion

dummies, a dummy for each census year, a dummy for each district, a dummy for each cohort, the number of

own children living in the household and the number of adults living in the same household. Robust standard

errors clustered by districts. 11



E Labor force participation, occupational switch and ed-

ucational attainment over the life cycle

Figure E.1: Life Cycle Statistics

Men Women

Men Women

Men Women

Notes: The left panel shows the pan African upward intergenerational mobility (IM up) and the right panel the

downward intergenerational mobility (IM down). The sample consists of 28 countries and 76 censuses. The IM

up (down) is the average probability of children, aged 14+ born from non-educated (educated) parents to (fail)

complete primary school. The x-axis corresponds to the birth- year of the children in intervals of 5 years. The

top panel distinguishes between boys and girls, the middle panel between urban vs rural residence. Finally, the

bottom panel shows the intergenerational mobility for different parent’s birth cohorts.
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F School Fee Abolition in Africa-Sources

As it is already mentioned in the main text, there is lack of published information that doc-

uments the evolution of school fees across the entire African region. Nonetheless, the studies

by Tomaševski (2008), Bentaouett (2006), Riddell (2003) and UNICEF et al. (2009) provide a

wealth of information on a country by country basis, that often refers to policy changes. More-

over, as noted by Bentaouett (2006) it is challenging to have complete picture of fees in primary

education in developing countries as these fees are not reported by the school boards, or system-

atically asked in official survey censuses 34. Another thorny problem, is that in several countries,

or regions within countries tuition or any other type of fees are collected unofficially even when

countries have officially lifted tuition fees. Finally, in several countries in my sample there is a

time lag between the announcement date and the actual implementation date.

Given these constraints, I have sought to use these four studies supplemented with a number

of empirical studies for individual countries in order to construct a relatively crude dummy

indicator that records whether a government has announced an lifting of primary school fees and

actually implement this policy. Below, I list the set of countries for which I have constructed my

fees indicator and note my sources of information.

1. Benin - Benin eliminated fees for preschool and primary school via the School Fee Abolition

Initiative on October 14, 2006 - Source: Somasse (2014).

2. Botswana - Botswana abolished primary school fees in 1980 -Source (see Pansiri and

Bulawa (2013), Mphafe, Miruka, and Pelser (2014))

3. Burkina Faso - Burkina Faso has legally abolished school fees in 2006-2007, but there is

a lot of anecdotal evidence that this law is partially implemented to some districts only. I

therefore opted to drop this country from my sample.

4. Cameroon - Cameroon lifted school fees at the beginning of the 2000/2001 school year.

Primary school education is compulsory up to the age of 12 and free , but families must

pay for uniforms, book fees, and sometimes even anti-malaria prophylaxis for pupils-Source

Bentaouett (2006)

5. Egypt- The school fees for primary education were lifted in 1999. Yet, a Human Rights

Watch found in 2005 that parents are forced to pay registration and health insurance fees,

school uniforms and supplies, and often are pressured by underpaid teachers to pay for

34Expenditure in education is often asked in surveys. Nonetheless, this question refers to an overall measure
of schooling expenditures that comprises, tuition fees at different education levels, uniforms, private tutoring,
exams, supplementary material and other commuting costs and therefore fails to distinguish tuition costs at
primary education from the rest
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private tutoring so that their children succeed in school exams. Source-Tomaševski (2008)

6. Ethiopia-It is well known that Ethiopia abolished primary school fees officially in 1994. It

was decided almost immediately and communicated to the schools shortly after. Gradual

introduction over time. Source- UNICEF et al. (2009) .

7. Ghana - Ghana proceeded in steps towards fee abolition since 1987, adopted in 1996 with

abolition of all fees around 2005. Ghana’s government promise to provide free, compulsory,

and universal basic primary and secondary education for every Ghanaian child by the year

2006.Source-UNICEF et al. (2009)35

8. Guinea - Guinea has no official primary school fees but but there are PTA fees and

community contributions.-Source Bentaouett (2006)36

9. Kenya - Kenya school reform policies over the years are well documented. Initially, primary

school fees were partially abolished in 1974 with full implementation in 1979. They have

been reintroduced again and lifted once more in 2002-3. UNICEF et al. (2009)

10. Lesotho - It was announced in 1999 that school fees will be abolished in 2000. Lesotho’s

Free Primary Education program began in 2000 and was phased in until 2006. I con-

sidered Lesotho nationwide tuition-free from 2006 onward- Source Avenstrup, Liang, and

Nellemann (2004)

11. Liberia - A pledge to lift primary school fees was part of presidential election campaign

in 2005. The School Fee Abolition Initiative report 2006/7 indicates that this action has

been implemented. Bentaouett (2006) documents numerous fees existing, but this would

pre-date the election.

12. Malawi - It is well documented that Malawi lifted school fees in 1994. Source-Al-Samarrai

and Zaman (2007)

13. Mali - There is no evidence of an abolition event, although some sources claim that

there was a reduction in primary school fees since the democratic movement in the 1990s.

Source-Bleck (2015)

14. Mauritius-Mauritius abolished school fees in 1993. Source- Parsuramen et al. (2001)

15. Morocco-School fees for kids age 6-13 irrespective of gender were originally lifted in 1963

but gradually implemented throughout the country. Source-Mansouri and Moumine (2017)

35https://www.nuffic.nl/sites/default/files/2020-08/education-system-ghana.pdf
36A newspaper article in 2006 confirms it- https://www.thenewhumanitarian.org/report/61512/guinea-school-

enrollment-plummets-cost-living-rises
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16. Mozambique - Abolition of school fees was an election pledge in 2003 implemented in

2004. Source-UNICEF et al. (2009)

17. Nigeria - In September 1, 1976, the government implemented nationwide universal pri-

mary education program, providing 6 years of free primary education starting from six

years of age for all students. Due to a decline in oil revenues, the new government decided

to end the free education program in 1981 and many states schools reintroduce fees - Source

Larreguy and Marshall (2017)

18. Rwanda - The government has implemented a policy of fee-free primary education in

2003. Source- https://www.newtimes.co.rw/section/read/17275

19. Senegal - The government introduce compulsory schooling for children up to the age of

16 (lower secondary) No indication that the Senegalese government has abolished school

fees. Source-Momo, Cabus, and Groot (2021)

20. Sierra Leone - In 2001, the Free Primary Education Act was introduced. Nonetheless,

Bentaouett (2006) refers to the existence of PTA fees.

21. South Africa-In 2006 school year the government announced a voluntary no fee policy for

schools that were awarded a poverty score based solely on the poverty of the surrounding

community. In the school year 2007 the government announced it was mandatory for

schools awarded a poverty score to abolished all school fees. Source-Borkum (2012)

22. South Sudan- achieved independence from Sudan in 2011 after 21 years of civil war. In

2005 the Comprehensive Peace Agreement was signed for the republic of South-Sudan that

transform the education system. It is not clear from the report if all school fees are lifted

and when but it stated in the report that 85 percent are either government schools or

government-aided schools. This leaves 15 percent of schools that are funded from private

sources.-Source Bank (2012)

23. Sudan. A new large-scale education reform was launched in the 1990s offers free and

compulsory primary education to all children age 6 to age 13. It is not clear whether it has

been adopted universaly. Source-https://unesdoc.unesco.org/ark:/48223/pf0000265447

24. Tanzania - A well known case in which primary school fees were abolished in 2001. Well

documented in numerous reports.

25. Togo - A no-fee education policy reform was already introduced in the 1992 Constitution,

but remained unimplemented. In 2000, tuition fees for girls were reduced and in 2007–2008,

all primary-school fees were abolished.-Source Hoogeveen and Rossi (2019)
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26. Uganda - A well known case in which tuition fees were eliminated in 1997.

27. Zambia - Numerous media outlets stipulate as January 2002 the date that Zambia adopted

no school fee policy. Source-https://www.lusakatimes.com/2021/12/29/347995/

28. Zimbabwe - Fees were lifted soon after independence but then reinstated during the

1990s. Source-Bentaouett (2006) and https://holisticthinktank.com/conditions-for-the-

educational-system-in-zimbabwe/
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